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Abstract 
 
Exploring HR Intelligence Practices in Fortune 1000 and Select Global Firms 
 
 
John Spahic, Ed.D. 
Drexel University, July 2015 
Chairperson: Salvatore Falletta 
This study investigated the extent to which Fortune 1000 and select global firms 
perform HR research and analytics activities, how these disparate data collection efforts 
facilitate HR strategy, decision making, and execution, and the ethical implications 
associated with the use of predictive analytics in the context of HR decision-making.  The 
study used a quantitative descriptive research design using a customized, web-based 
survey instrument.  A convenience sample of 3,062 HR professionals was invited to 
participate in the study, which returned 220 completed questionnaires, each representing 
a different company.   
The results validated the current types of HR research and analytics practices in 
high-performing firms and their relative importance in terms of facilitating HR strategy 
and decision making.  The results also reveal how HR research and analytics functions 
are organized and structured.  The majority of high-performing firms have a dedicated 
HR research and analytics function that is strategically positioned in the organization in 
terms of its reporting relationship (e.g., either reporting to the CHRO or one level down).  
The results also suggest that HR analytics and HR intelligence mean different things to 
different people.  For some, HR analytics means tracking and communicating HR metrics 
and indicators, whereas for others it means conducting advanced predictive analytics and 
sophisticated causal modeling procedures.  Lastly, this study attempted to explore ethical 
judgments on selected practices pertaining to human capital decisions in the broadest 
sense.  Results varied and were inconclusive; however, it is quite likely that individual 
ethical judgments vary and depend on the nature of the capital decision required (e.g., 
hiring, job/work assignments, performance management, advancement/promotion, 
demotion, reduction-in-force efforts). 
In conclusion, the results of the study suggest that the landscape for using HR 
management data and information has shifted dramatically, and that leading companies 
are building strategic capabilities and competitive advantage through advanced HR 
analytics practices.  However, much more research is needed on ethical issues associated 
with HR research and predictive analytics. 
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Chapter 1: Introduction to the Research 
Introduction to the Problem and Its Context 
Leading organizations know that as commodities, data and information have little 
value to an organization unless they are analyzed and codified into meaningful 
intelligence.  We live in a knowledge economy and information age in which the volume 
of data that organizations amass is overwhelming.  More often than not, such data and 
information are raw, decentralized, and lack any real insight.  What is needed is the type 
of alchemy that transforms data and information into useful insight.  According to 
Falletta (2008a), “businesses in all industries require real-time intelligence to facilitate 
strategy formulation, decision-making, strategy execution, and organizational learning” 
(p. 21).  In the context of human capital management, HR intelligence as derived from 
HR research and analytics is a fast emerging mandate for organizations seeking strategic 
competitive advantage (Falletta, 2008a; Fitz-enz, 2010; Levenson, 2005).  
The notion of “HR intelligence” originates from the business practice of 
competitive intelligence.  Competitive intelligence is the systematic and ongoing process 
of ethically and legally gathering data and information on business competitors, their 
people, capabilities, and technologies as well as the overall business environment (Shaker 
& Gembicki, 1998).  The general idea of competitive intelligence was originally 
developed by the U.S. government (e.g., CIA and NSA) and has been used extensively 
since the Cold War.  Intelligence is often called the second oldest profession and has been 
in existence since the dawn of civilization (Falletta, 2008a).  For example, Sun Tzu and 
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many other ancient warriors realized that intelligence was fundamental and essential to 
the art of war.   
In the context of HR, the war for talent, coupled with the HR profession’s battle 
for strategic legitimacy, has given rise to a number of HR methods and approaches, such 
as HR metrics and indicators; HR scorecards; employee engagement and other 
organizational surveys, selection research and personality instruments, 360-degree 
feedback surveys, and benchmarking approaches.  Although these methods have 
significantly advanced HR as a profession and field of study, they are treated as very 
specific and narrow methodological specialties that are generally performed within HR 
functional silos.  More disturbingly, they often lose sight of their original intent and 
become highly institutionalized and symbolic practices focused on HR operational 
efficiency rather than on human capital strategy and decision making (Falletta, 2008a).   
Over a decade ago, Falletta coined the term “HR intelligence” and conducted 
some preliminary research on the extent to which high-performing firms perform HR 
research and analytics activities (e.g., employee surveys, HR metrics, benchmarking, 
selection research) by interviewing 10 best-in-class high-technology firms (e.g., 
Microsoft, Intel, SAP, Dell).  According to Falletta, HR intelligence is defined as “a 
proactive and systematic process for gathering, analyzing, communicating, and using 
insightful people research and analytics results to help organizations achieve their 
strategic objectives” (p. 21).  HR intelligence differs from traditional HR research and 
analytics activities in that the latter tends to focus exclusively on data and information 
rather than intelligence and, therefore, often lacks any real insight or predictive utility.  
Nonetheless, Falletta’s conception of HR intelligence has been used interchangeably with 
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a number of alternative labels, such as “workforce intelligence,” “talent analytics,” 
“people analytics,” “HR decision science,” and “HR insights,” to name a few.  Recently, 
the terms “HR analytics” and “predictive analytics” have garnered momentum as labels 
that best represent the practice and movement within the popular press (Bassi, Carpenter, 
& McMurrer, 2010; Fitz-enz, 2010).   
Despite the recent call for HR analytics and predictive analytics (Fitz-enz, 2010; 
Levenson, 2005), the broad scope and nature of HR research and analytics activities 
conducted in organizational settings tends to be focused on data and information rather 
than on analytics or intelligence (see Figure 1), which more often than not lacks any real 
insight or predictive utility (Falletta, 2008a), as mentioned earlier.  Further, not all data 
collection activities in the context of human capital analytics can, nor should be, boiled 
down to a simple metric or algorithm.  Behavior in most organizational settings can be 
quite complex, involving multiple intervening variables and factors that enable desired or 
expected outcomes. 
 
 
 
Source: Adapted from Falletta (2008a) 
 
Figure 1. HR intelligence value chain. 
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As such, the concept and process of HR intelligence are positioned to offer a 
broader, more inclusive approach representing the full scope of HR research and 
analytics activities being performed in organizations.  In short, HR intelligence 
encompasses human capital decisions based on insightful HR analytics that are largely 
predictive and supported by the best available scientific evidence (i.e., evidence-based 
HR).  HR intelligence, as derived through HR research and analytics practices, is critical 
for best-in-class organizations to remain competitive (Falletta, 2008a; Fitz-enz, 2010).  
Most Fortune 1000 companies still struggle with learning how to manage and understand 
their workforce.  Important questions arise (e.g., what is the most effective compensation 
plan?; what are the skills and competencies we need in terms of attracting and retaining 
talent?; which internal talent gets promoted?) and can only be answered if an 
organization analyzes and makes sense of these disparate data and information.  That is, 
HR analytics and intelligence are required to turn ordinary numbers and descriptive 
information into meaningful results in terms of meeting organizational objectives.  
Lastly, technological changes have made many of the internal processes, such as 
the administrative and transactional aspects of HR, automated, which enables HR 
functions to be focused on the development of people and to expand their roles within the 
organization.  Not only have these changes allowed the data and information to be more 
readily available, but they have also allowed for the streamlining and refining of other 
more complex organizational core processes.  It is essential that in today’s competitive 
environment, organizations rely on real-time analytics to take a proactive approach to 
strategy creation, decision making and execution, and organizational learning. 
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As indicated above, technological progress has greatly advanced HR in terms of 
transactions and administrative processes.  However, despite frenzied efforts by some of 
the most innovative enterprise software firms in the world, there is virtually nothing 
available in the way of a “universal software” solution that can magically codify and 
collectively analyze the myriad data and information derived from HR research and 
analytics practices.  Hence, a systematic yet pragmatic approach is still needed to make 
sense of and transform these disparate data collection activities into meaningful HR 
intelligence results.  
Statement of the Problem to Be Researched 
Despite the fact that companies spend millions on HR research and analytics 
practices, little is known about the extent to which Fortune 1000 and select global firms 
perform HR research and analytics activities; how these disparate data collection efforts 
facilitate HR strategy, decision making, and execution; or the ethical implications 
associated with the use of predictive analytics in the context of HR decision making. 
Purpose and Significance of the Problem 
This researcher investigated HR intelligence practices in best-in-class 
organizations.  Specifically, the purpose of the study was to gain insight into the extent to 
which Fortune 1000 and select global firms are performing HR research and analytics 
practices.  There has been a recent call for HR to move beyond tracking operational 
metrics and indicators and provide ad hoc, reactive data support for developing and 
delivering proactive HR intelligence capabilities and decision support for strategy 
creation and execution (e.g., Boudreau & Ramstad, 2004; Falletta, 2008a; Fitz-enz, 
2010).  As the need arises for strategic research and analytics practices in the context of 
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human resources and human capital strategy, so does the need to understand how 
leading companies build strategic capabilities and competitive advantage through data-
driven analytics practices.  In comparing HR analytics practices across industries, best 
practices were identified and shared among participating companies.  This also allowed 
the researcher to build a practical framework with which to advance HR research and 
analytics practices in organizational settings. 
Research Questions 
The following research questions were explored. 
1. What types of HR research and analytics practices are currently being performed 
in best-in-class organizations? 
2. How are HR research and analytics activities and groups organized and structured 
within these organizations? 
3. To what extent do HR research and analytics facilitate HR strategy, decision 
making and execution, and organizational learning? 
4. What is the meaning of “HR intelligence” as used by those who perform HR 
research and analytics work? 
5. What are the ethical implications associated with HR research and analytics and 
predictive analytics movement? 
Conceptual Framework 
Researcher's Stance 
To address the research questions, this study employed a non-experimental cross-
sectional descriptive design using survey data.  According to Creswell (2008), a 
quantitative approach is used when the “researcher seeks to establish the overall tendency 
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of responses from individuals and to note how this tendency varies among people” (p. 
51).  Hence, the researcher’s epistemological approach is positivist (i.e., a posteriori 
knowledge, whereby knowledge is derived empirically through quantitative research 
methods), although the researcher recognizes the limitations and biases associated with 
this view.  Nevertheless, the survey method was chosen for this study given the 
researcher’s stance and the efficiency of this method in terms of collecting a large amount 
of data from a geographically dispersed population. 
Conceptual Framework 
Three streams of research were reviewed and serve as the basis of the conceptual 
framework and rationale for the study.  The first is the HR research and analytics 
movement itself, including its current state, evolution, and future as well as the notion 
and use of predictive analytics.  Second, the researcher investigated how HR research and 
analytics activities facilitate or inform HR strategy creation, executive decision making, 
strategy implementation and execution, and organizational learning.  Lastly, the research 
addresses a number of emerging ethical concerns and potential abuses of HR analytics, 
particularly with respect to the practice of predictive analytics.   
In terms of the conceptual framework, Figure 2 depicts the streams of research 
and the interrelationship among the variables of interest.  Figure 2 depicts an ongoing 
cycle of HR intelligence, which, in turn, facilitates an organization’s HR strategy creation 
process and execution (i.e., strategy implementation).  Meaningful HR intelligence and 
insights can serve as a data-feed and perhaps a driver of HR strategy creation efforts.  
Once the strategic priorities and goals are in place, insightful metrics and indicators can 
be measured and tracked in terms of strategy implementation.  A critical and often 
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overlooked step is the organizational learning associated with HR research and 
analytics, strategy formulation, and execution.  Identifying and learning from an 
organization’s successes as well as its failures is vital in terms of an organization being 
able to adapt and change.  According to Ulrich (1997), HR professionals must master 
both the theory and the practice of change to help their organizations respond and adapt. 
 
 
Figure 2. Conceptual framework as an ongoing cycle. 
 
HR Analytics Movement 
Dr. Jac Fitz-enz, a highly respected authority on strategic HR measurement and 
author of The New Human Capital Analytics asserted that the field of human resources 
and human capital management is evolving beyond descriptive HR metrics to predictive 
management (Fitz-enz, 2010).  Fitz-enz, with the help of several thought leaders, 
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conceptualizes a predictive management model: the “HCM:21.”  This model consists of 
four broad phases (scanning, planning, producing, and predicting) that offer HR leaders a 
framework and method for better managing their respective workforces through human 
capital analytics (Fitz-enz, 2010).  
Prior to Fitz-enz’s recent work, Boudreau and Ramstad (2004) called for a HR 
decision science approach, whereby organizations strategically analyze their data and 
information and make better decisions with respect to their workforce and key talent.  
Similarly, Pfeffer and Sutton (2006) introduced the concept of evidence-based HR 
management.  Specifically, they contended that hunches, trends and fads, and the popular 
press tend to influence our decisions around what strategies and practices are best.  They 
advocate, instead, for an evidence-based approach whereby science and empirical 
evidence drive business decisions and strategies.  Lastly, Davenport and Harris (2007) 
argued that the landscape for using data and information has shifted dramatically and that 
leading companies are building strategic capabilities and competitive advantage through 
data-driven intelligence and insight through advanced analytics.  These recent 
developments in the HR analytics movement serve to ameliorate ill-conceived practices 
and trendy fads as well as executive pre-conceived notions that continue to run amok in 
organizations today.  Moreover, they have certainly advanced the strategic legitimacy of 
the HR profession and practice (i.e., the power to understand, predict, and retool HR) 
(Boudreau & Ramstad, 2004; Fitz-enz, 2010). 
HR Strategy, Decision Making, Execution, and Organizational Learning 
The real strategic value of HR research and analytics rests upon its ability to 
generate HR intelligence and insights that can be used to facilitate HR strategy creation 
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and decision making.  The term “strategy” is a multidimensional concept that means 
different things to different people.  In essence, however, strategy involves asking smart 
questions; identifying strengths, weaknesses, opportunities, and threats (SWOT); 
knowing the right things at the right time; scenario planning; decision making; 
establishing priorities and goals; and effectively managing the execution or 
implementation of the strategy once it has been developed.  In short, strategy can be 
viewed as the means by which an organization intends to achieve its overall mission and 
goals and create value for its stakeholders (Falletta, 2008a).  
The term “strategy creation” is emphasized here and differs from traditional 
strategic planning.  Strategy creation involves the formulation of something innovative or 
new.  On the other hand, “strategic planning” tends to focus on analyzing and evaluating 
all the consequences associated with selecting and implementing proven solutions or 
best-known methods (Mintzberg, Ahlstrand, & Lampel, 2005).  Although adopting best-
in-class solutions from other companies is commonplace, exclusively copycatting and 
leveraging what everyone else is doing should be avoided.  Instead, HR should take an 
active role in driving an appropriate level of innovation as part of their overall human 
capital strategy for strategic competitive advantage.  
Proactive HR intelligence (i.e., HR research and analytics) fortifies HR decision-
makers with pertinent knowledge and insight to make critical decisions pertaining to 
people in the workplace (Falletta, 2008a).  Once a strategy is in place, the strategic 
priorities and goals and associated metrics in terms of strategy execution can be measured 
and tracked to promote a shared understanding of “what’s working and what’s not” and 
where change is needed (Huselid, Becker, & Beatty, 2005).  Lastly, it is important for 
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organizations to document successes and failures as they pertain to strategy execution.  
Organizational learning can only occur through informed risk-taking, a propensity for 
action, and occasional failure (Dixon, 1994).  
Emerging Ethical Concerns 
Rapid advancements in HR technology and talent management software, coupled 
with an increasing capacity to pull together and codify disparate data sources, are 
beginning to create ethical questions about what is and is not appropriate with respect to 
applying HR analytics (Bassi, 2011).  For example, some notable firms, such as Google, 
use elaborate customized web-based surveys that explore a job applicant’s attitudes, 
behaviors, and personality as well as seemingly irrelevant aspects of their personal life 
(e.g., “what magazines do you subscribe to?” and “what pets do you have?”).  In doing 
so, Google is able to analyze the resultant data to model and, more importantly, predict 
how well a person will fit in their fast-paced, innovative culture (Hansell, 2007).  Indeed, 
predictive analytics is the “Holy Grail” within the HR analytics movement and, after all, 
organizations should be able to make data-based decisions about human capital.  
However, such capabilities beg questions as to the appropriateness of using legally 
obtained data and information to make hiring decisions that have nothing to do with 
essential job functions (e.g., the likelihood that an employee may leave the company 
based upon his or her hometown or pet preferences). 
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Definition of Terms 
Competitive intelligence 
Systematic and ongoing process of ethically and legally gathering data and 
information on targets such as customers, competitors, adversaries, personnel, 
technologies, and the overall business environment (Shaker & Gembicki, 1998). 
HR analytics 
“The application of a methodology and integrated process for improving the 
quality of people-related decisions for the purpose of improving individual and/or 
organizational performance” (Bassi et al., 2010, p. 16). 
HR intelligence 
“A proactive and systematic process for gathering, analyzing, communicating, 
and using insightful people research and analytics results to help organizations 
achieve their strategic objectives” (Falletta, 2008a, p. 21). 
Intelligence 
Human capital decisions based on insightful HR analytics that are largely 
predictive and supported by the best available scientific evidence (i.e., evidence-
based HR) 
Intuition 
Human capital decisions based on prior experiences, opinions, gut feelings, 
current trends, and/or fads 
Predictive analytics 
A type of analytics that encompasses a variety of statistical techniques to analyze 
current and historical facts that yield predictions about future events, such as 
  
13
metrics, indicators, and algorithms that are predictive in nature (e.g., 
determining the probability or likelihood that an employee will leave the company 
is .65) 
Assumptions, Limitations, and Delimitations of the Study 
The following are the assumptions and limitations of the study: 
Assumptions 
1. It was assumed that respondents would respond openly and honestly to the 
survey. 
2. It was assumed that the survey instrument was a valid measure of HR research 
and analytics practices in terms of content validity. 
3. It was assumed that the survey instrument would be easily understood by all the 
participants (e.g., those who perform HR research and analytics as well as HR 
generalists, HR business partners, and other HR leaders). 
Limitations 
The study was limited to surveying HR practitioners in Fortune 1000 and select 
global firms.  Hence, inferences from this study should not be generalized to other 
organizational settings or sectors (e.g., governmental organizations, institutions of higher 
education, or small private firms).  Additionally, the sample of participants for the study 
was selected from an external database of over 3,000 HR practitioners from a third-party 
organization; hence, the sample is considered to be a convenience sample since it may 
not accurately represent all HR practitioners currently employed in Fortune 1000 firms. 
Another potential limitation is the number of respondents who chose to participate 
in the study.  As such, the results may not be generalizable to the entire sample 
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population.  Further, potential bias may be present in that participants might have 
responded to survey items in a socially desirable manner, particularly with regard to 
questions related to ethics.  However, given the current interest on the topic, the social 
desirability effect is not expected to be a significant limitation.  Participants were assured 
confidentiality and anonymity in the pooled results to mitigate such bias.  Lastly, a web-
based survey instrument was used as the data collection method.   
Delimitations 
The study was limited to the research questions posed and bounded by the 
conceptual framework, streams of research described earlier, variables of interest, and the 
comprehensiveness of the survey instrument used in the study. 
Summary 
The researcher investigated HR intelligence practices in organizational settings to 
gain insight into the extent to which Fortune 1000 and select global firms perform HR 
research and analytics practices for the purposes of human capital strategy, decision 
making and execution, and organizational learning.  The conceptual framework 
encompasses three streams of research, including the HR research and analytics 
movement and how it informs HR strategy creation, executive decision making, strategy 
implementation and execution, and organizational learning as well as the emerging 
ethical concerns that have arisen with the use of HR and predictive analytics in the 
workplace.  
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Chapter 2: Literature Review 
Introduction to Chapter 2 
Over the last two decades, technology has drastically changed the way 
organizations operate.  Administrative tasks such as basic HR metrics, compensation, and 
staffing can now be streamlined, which allows HR professionals to move toward more 
sophisticated HR functions like gathering complex data and information, enabling 
benchmarking of HR metrics, and capitalizing on the unrealized potential of strategic use 
of human capital.  As a result, HR professionals have the ability to significantly 
contribute to the bottom line through better human capital management.   
While significant advancements have been made in positioning HR to become 
more strategically oriented, companies spend millions on HR research and analytics 
practices.  Nonetheless, little is known about the extent to which Fortune 1000 and select 
global firms perform HR research and analytics activities and how these disparate data 
collection efforts inform HR strategy, decision making, and execution (Falletta, 2008a).  
In addition, several ethical issues have emerged with respect to the use and application of 
predictive analytics in terms of HR decision making (Bassi, 2011).  Therefore, as 
described in Chapter 1, this research investigates the extent to which Fortune 1000 and 
select global firms perform HR research and analytics and how the resultant data are 
applied.  By comparing these practices across industries, best practices can be identified 
and shared among participating companies.  This will also allow the researcher to build a 
practical framework with which to advance HR research and analytics practices in 
organizational settings. 
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Conceptual Framework 
To better understand the nature and impact of HR research and analytics practices 
being conducted in leading organizations, three streams of research are explored in this 
chapter.  First, the HR research and analytics movement and notion and use of predictive 
analytics are described.  The variables of interest (i.e., concepts) related to HR research 
and analytics and evidence-based HR are then reviewed in terms of facilitating HR 
strategy creation, executive decision making, strategy implementation and execution, and 
organizational learning.  Lastly, some emerging ethical concerns associated with HR 
analytics in general and predictive analytics in particular are described. 
Review of the Literature 
The literature review outlines the streams of research that elucidate key 
theoretical and conceptual perspectives as well as practical applications, albeit limited, on 
the topic of HR research and analytics.  This chapter is divided into three literature areas, 
including HR analytics and evidence-based HR movement, the application and use of HR 
analytics (i.e., HR strategy and execution, decision making, organizational learning), and 
emerging ethical issues surrounding HR research and analytics in organizational settings. 
HR Analytics Movement and Evidence-Based Human Resources 
Thomas Friedman (2005), in his book The World Is Flat, wrote:  
It is now possible for more people than ever to collaborate and compete in real 
time with more people on more different kinds of work from more different 
corners of the planet and on a more equal footing than at any previous time in the 
history of the world. (p. 8) 
 
Friedman described these technological advances as a major revolution, bringing 
billions of people closer.  This raises the need for organizations to manage human capital 
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more effectively to succeed and sustain competitive advantage in this global 
marketplace.  To keep up, HR professionals need to continuously utilize real-time data 
and insights that inform decision making on human capital investments while limiting 
risks.   
Although the field of HR analytics is relatively new, analytics has been used for 
decades in other organizational functions.  Analytics is essentially the use of data to 
generate evidence-based decision making.  Once the organization identifies an area of 
analysis, a methodology is selected and data are collected to support the goals of the 
analysis.  This process leads to more efficient data use and is necessary to manage 
improvements or changes.  Today, there are hundreds of software-driven tools that 
perform statistical functions, complex data mining, and predictive modeling in a matter of 
minutes.  This process essentially enables a wide assortment of analytics to be performed 
and provides organizations with endless ways of sifting and cultivating data to advance 
their business objectives.  This study focuses primarily on Fortune 1000 companies, 
which operate with enormous budgets and are more likely to utilize advanced analytics in 
some form given their size and business needs. 
According to Falletta (2008a) and other thought leaders on the topic (Fitz-enz, 
2010; Levenson, 2011), very few organizations currently take full advantage of HR 
analytics or utilize a proactive and systematic approach.  Over a decade ago (2001), 
Falletta introduced the concept of HR intelligence as a broader label for 
HR/people/talent/workforce-related research, metrics, and analysis work being performed 
in organizations.  HR intelligence is defined as “a proactive and systematic process for 
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gathering, analyzing, communicating, and using insightful HR research and analytics 
results to help organizations achieve their strategic objectives” (Falletta, 2008a, p. 21). 
In a preliminary study, Falletta (2008a) discovered that HR research and analytics 
professionals often described their work as reactive “data fetching” or a “proverbial data 
dump” (Falletta, 2008a) whereby pre-conceived ideas, executive mandates, and/or 
decisions that were already made typically drive the data and information requirements.  
Arguably, it should be the other way around, wherein real-time analytics and insights 
proactively influence human capital decision making.  Falletta (2008a) stressed the 
importance of developing a proactive and systematic approach; that is, to effectively 
build robust HR intelligence capabilities that are both proactive and systematic, HR 
intelligence must be positioned as an ongoing cycle involving the following steps:  
1. Determining stakeholder requirements 
2. Defining the HR research agenda 
3. Identifying data and information sources 
4. Gathering data and information 
5. Transforming data and information 
6. Communicating and using intelligence results 
7. Enabling strategy creation, decision making and execution, and learning. 
The HR intelligence cycle starts with establishing the requirements of the key 
stakeholders and moves on to defining the actual HR research agenda, which is where 
identifying data and information sources becomes critical to success.  The three last steps 
in the HR intelligence cycle deal with transformation of the data, which, according to 
Falletta (2008a), is the most important and critical step, followed by utilizing and 
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facilitating HR strategy, execution, and organizational learning.  It is worth mentioning 
that Falletta’s seven-step HR intelligence model emphasizes an ongoing and proactive 
approach for HR analytics, human capital decisions, organizational learning, and 
continuous improvement. 
A company’s ability to adapt to change will determine whether or not they 
survive.  One of the key challenges for HR is to become proficient in using analytics to 
drive evidence-based decision making (Fitz-enz, 2010).  HR can meaningfully contribute 
to generating better decisions using analyzable information.  Fitz-enz (2010) pointed out 
that instead of looking back and describing what successes and failures occurred in the 
past, predictive analytics enable HR to determine the probable outcome of the next move, 
essentially shifting focus away from descriptive analytics, which are mainly reactionary 
and move toward analytics that predict outcomes based on different conditions and 
variables.  The production, marketing, and finance divisions in most companies rely on 
analytics to deliver results.  For HR to be taken seriously, it needs to take the same 
empirical approach, using analytics to establish cost-effective hiring practices, succession 
planning, benefit programs, customizable training tools, and so on.  Modern 
mathematical and statistical tools enable HR to move beyond the reporting level by 
providing a means to manage future risks and opportunities.  This model, which Fitz-enz 
(2010) calls the “HCM:21,” turns expensive processes into assets that over time deliver 
more value than they cost.  This is not necessarily a new concept for HR; however, it 
does present a new challenge to both adapt to and practice evidence-based decision 
making as well as measure the investment in human capital. 
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Boudreau and Ramstad (2004) argued that human capital strategy must be 
nearly impossible to replicate by competitors.  These authors challenge business leaders 
to recognize that investing in human capital is vital to organizational success; however, 
their results showed that many leaders do not know where and how exactly these 
investments actually drive strategic success.  Boudreau and Ramstad (2004) further 
suggested the importance of utilizing a logical framework from which human capital 
decisions could lead to the optimization of resources that enable strategic decision 
making.  Their logical framework, referred to as the HC Bridge model, is essentially a 
strategic approach to talent management in which the foundation and or anchor points 
(impact, effectiveness, and efficiency) have a direct relation to investments and 
organizational activities, thus resulting in sustainable strategic success.  Efficiency has to 
do with HR metrics that assess productivity and administrative costs, whereas 
effectiveness determines the intended effect on the people toward whom the programs or 
practices are directed.  Lastly, the third anchor, impact, is meant to demonstrate a link 
between what HR does and tangible effects on the ability to sustain a competitive 
advantage (Boudreau & Ramstad, 2004).  With the use of statistical and experimental 
approaches, HR can determine the causal relationship between HR practices and any 
performance metric, such as profitability, sales per employee, and customer satisfaction.  
This would essentially enable HR to influence the profitability of business activities 
(Boudreau & Ramstad, 2004).  
Boudreau and Ramstad (2004) explain that most talent decisions are based on 
reproducing the “benchmark” practices of other successful organizations, which 
overlooks the current environment and the internal analysis of the situation.  The authors 
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pointed out that organizations must understand where their pivotal talent lies and how 
it connects to strategic success.  They illustrate their argument by providing numerous 
examples in the industry where the pivotal talent became the vital source of significant 
competitive advantage.  In the example of Corning, the management discovered that 
global expansion would be almost impossible unless pivotal talent was identified and 
mobilized, which was reported as requiring years of training.  In Corning’s case, it was 
determined that the pivotal talent was a rare specific type of engineer that could give 
them several years’ head start in the industry if they could hire them before the 
competition.  Essentially, the role of specialty engineers becomes far more significant 
than any other talent in that it cannot be easily replaced or replicated by competitors.  
Having this knowledge before the competition ensures that organizations can gain an 
upper hand in strategy and investment in human capital. 
Similarly, Davenport and Harris (2007) argued that organizations could use 
analytics to differentiate themselves from their competitors.  Given the competitive 
climate, it is no longer enough to do that based on products alone (Davenport & Harris, 
2007).  Davenport and Harris (2007) contended that advanced data collection and 
analysis enable organizations to precisely determine the workforce’s contribution to the 
bottom line.  Additionally, they claimed that the use of analytics enables HR to better 
manage the workforce.  In the case of Marriott International, the internal systems had 
been optimized to predict the likelihood of every strategic decision involving its 
workforce.  Allowing all the managers access to all the complex quantitative tools on the 
Internet essentially transformed the business environment.  The ability to assess the 
likelihood of customers defecting to competitors and optimize offerings for guests’ rooms 
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are only two examples of how Marriott significantly contributed to their bottom line, 
which is a perfect example of how practical and yet advanced changes can become.  HR 
analytics allow for endless variations of complex and previously impossible problems to 
evaluate.  In fact, it is becoming more obvious that many HR professionals are not 
prepared or skilled to interpret the analysis into implementation (Davenport & Harris, 
2007).  
In a recent study published by Fink (2010), 22 leading HR practitioners were 
interviewed to determine the current trends in research and analytics. Topics ranging 
from employee surveys, leadership assessment, selection and staffing, and performance 
management were covered to gain a deep understanding of how organizations utilize 
human capital research and analytics.  Fink (2010) discovered no systematic approaches; 
indeed, there were very few instances of organizations actively linking multiple datasets 
that lead to identifying patterns, which implies that poor quality and missing data were 
significant barriers to achieving analytical accuracy.  Many HR professionals, it would 
seem, simply lack the skills and, unfortunately, have not realized the full potential of 
managing by analytics.  Bassi and McMurrer (2007) explained current misperceptions 
around HR analytics, where many view it in vastly different and sometimes limiting 
capability.  Most HR professionals utilize analytics for isolated purposes, such as HR 
metrics, hiring, turnover, and employee engagement (Bassi & McMurrer, 2007).  These 
findings seem to confirm Falletta’s (2008a) findings that HR analytics practices occur 
independently of strategy work. 
Bassi et al. (2010) described HR analytics as an evidence-based approach used to 
make better decisions.  They argued that HR analytics should be considered a source of 
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competitive advantage and that leaders can ill-afford to make costly human capital 
investments that do not lead to measurable results.  Advances in software enable HR 
professionals to carry out more tasks than ever before in a more efficient and precise way, 
although there is no single technological solution that can magically analyze and codify 
the myriad of disparate data and information at our disposal, as mentioned in Chapter 1.  
According to Bassi et al. (2010), the purpose of HR analytics is not about 
“proving the value of HR” but rather to provide insights to improve individual and 
organizational performance.  Many common uses are already widely practiced: cost of 
absenteeism, employee engagement, talent investment analysis, and many others, all 
geared toward improving organizational performance.  IBM’s 2009 survey report entitled 
Getting Smart About Your Workforce: Why Analytics Matter revealed that more than two-
thirds of organizations that utilize analytics currently integrate those results.  Additional 
results from the survey revealed that over 76% cite improvements in workforce 
management, 69% cite improved levels of workforce productivity, and 67% cite greater 
return on investment in talent management.  However, difficulties do exist as well, as few 
HR professionals utilize it for performing “high-end” predictive modeling, which enables 
forecasting in human capital investments (IBM Corporation, 2009).  
Pfeffer and Sutton (2006) explain how evidence-based decisions are not 
frequently practiced in organizations.  They define evidence-based management as “a 
way of viewing the world of management: a way that uses logic and data to be effective 
and that is committed to fact-based decision making” (p. 2).  According to one recent 
study of physicians, only about 15% of their decisions are evidence based.  They claim 
that most doctors rely on knowledge gained in school, unproven traditions, and patterns 
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from experience when practicing medicine.  They argued that almost the same applies 
to managers in organizations who refuse to apply hard data based on proven logic and 
evidence.  People often trust their own methods and experiences more than proven 
research.  Pfeffer and Sutton (2006) mentioned such an occurrence at a small software 
company, where one of the committee executives recommended the compensation 
policies he had employed at his last firm.  The problem was that although the two 
companies were completely different in size and in every other conceivable aspect, it did 
not seem to be an issue with either him or his fellow committee members.  These sorts of 
personal mistakes make it harder for a person to experiment, grow in wisdom, and even 
learn from mistakes.  The authors believe in empirical evidence and experimentation and 
see mistakes as part of the evidence-based management process.  Pfeffer and Sutton 
(2006) explained that failures can often foretell how your systems learn.  “If you look at 
how the most effective systems in the world are managed,” they write, “a hallmark is that 
when something goes wrong, people face the hard facts, learn what happened and why, 
and keep using those facts to make the system better” (pp. 232–233).  This implies that 
not only are mistakes part of the process but they are necessary to achieve effective 
learning.   
In essence, it is necessary to make decisions based on new findings and best 
practices.  Pfeffer and Sutton (2006) are not implying that mistakes should be acceptable; 
rather, they view them as a part of the learning process in which you get to experience 
growth as an individual who will not repeat the same mistakes again because you learn 
from them.  In the same way, organizations can learn from the process as they eventually 
eliminate processes and practices that produce mistakes.  This allows for the precision 
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refinement of systems, as the learning is continuously improved once the sources of 
error are isolated. 
Gibbons and Woock (2007) discussed that evidence-based human resources is 
changing the way organizations gather, process, and evaluate information.  “These 
developments hold the promise of helping the profession move beyond chasing fads, to 
getting to the real work of helping their organizations improve business results through 
more effective management of people” (p. 5).  Although these are not new standards, 
they are very new in their application to the field of human resources.  Evidence-based 
human resources require empirical evidence in which the reliable information, strategy, 
and key performance indicators (KPIs) are determined to improve efficiency of the HR 
function.  In addition, the KPIs must be aligned with overall strategy, quantifiable and 
measurable, and recognized throughout the organization as indicators of success.  
Gibbons and Woock (2007) believe this process serves “as a means of providing genuine 
insight into how talent drives the business” (p. 14). 
The literary work discussed thus far provides an overview of HR analytics and the 
experiences of evolving HR practices involving metrics, descriptive analytics, and the 
recent shift toward predictive analytics.  Several studies and examples are provided to 
illustrate current HR analytics practices and to demonstrate how the field of human 
resources management has evolved over the past two decades. 
Applying HR Research and Analytics 
HR strategy and execution.  The word “strategy” comes from the Greek word 
for generalship.  The simplest definition for strategy is just “goals and a plan.”  
Historically, the concept of strategy has been copied from the military and modified for 
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use in business whereby, as in the military, strategy links the gap between policy and 
tactics.  In a 1996 Harvard Business Review article, Michael Porter argued that 
competitive strategy is essentially about being different.  Porter (1996) believes that 
strategy is about choices and about what not do and about adding value through a mix of 
activities different from those used by competitors.   
HR strategy, on the other hand, is intended shape the workforce to meet 
organizational objectives.  Human resource strategy involves managing the workforce 
using the most efficient policies and practices across functions such as recruitment, 
compensation, performance management, reward and recognition, employee relations, 
and training.  Mintzberg et al. (2005) present strategy from a different and not so serious 
perspective in which strategy should not be obsessed over; instead, it should be fun and 
executed more often.  They argued that to promote better strategies, people ought to 
experiment more and think about strategy less seriously.  “Strategies are to organizations 
what blinders are to horses: they keep them going in a straight line, but impede the use of 
peripheral vision” (Mintzberg, 1987, p. 31).  What the authors are essentially saying is 
that traditional strategy creation reduces the organization’s ability to see the big picture 
and obstructs its ability to experiment and innovate.  Managers must be able to create 
freely and execute their strategies to truly experience the improvements.  This effect can 
only occur if managers are given immunity and feel empowered to actually execute the 
strategy without the fear of consequences. 
Buchanan and O’Connell (2006) argued that decision making is a combination of 
intellectual disciplines: mathematics, sociology, psychology, economics, and political 
science.  When faced with challenging decision making, theorists have pursued ways to 
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achieve if not optimal outcomes at least acceptable ones.  For hundreds of years, many 
risks were unavoidable; however, they argued that today’s organizations must be able to 
calculate and manage risks with better accuracy.  Given the recent advances in software 
tools, managers can efficiently minimize risks and altogether avoid costly mistakes. 
Lawler, Levenson, and Boudreau (2004) argued that the ability to use and 
measure the impact of HR analytics is just as important as having the ability to collect 
data on their efficiency.  In their study, they utilized survey methods to investigate 
current HR metrics based on data provided by HR executives in Fortune 500 companies.  
The response rate was 38% and the survey covered six areas of HR management:  
1. Current and future HR strategy 
2. HR data the organization collects to influence decisions  
3. The overall effectiveness of the measurement and analysis of the 
organization  
4. The type of metrics and analytics collected  
5. How the organization uses the analytics and metrics to asses and 
understand the impact of its HR programs 
6. The degree to which the HR function is strategically oriented. 
The study revealed that over 80% of respondent organizations had HR 
information systems (HRISs) capable of linking HR and business data; however, very 
few reported using metrics and analytics to connect HR investments to business 
outcomes.  The study also revealed that many organizations do not have skills in data 
analysis and interpretation within the HR function needed to enable creating strategy and 
actionable measures.  The authors concluded by implying that HR is well-prepared for 
  
28
the future as it continues to evolve, especially through in the use of HR information 
systems that are capable of collecting enormous amounts of data.  “In many respects the 
‘Holy Grail’ of HR functions is the ability to show the bottom line impact of its activities. 
This is a powerful way to increase its influence on company business decisions and future 
business strategies” (Lawler et al., 2004, p. 4). 
Kaplan and Norton (1992) stated that results cannot be realized unless they can be 
measured.  These authors argued that no single measure can provide a clear indicator for 
a given area.  The “balanced scorecard,” which these authors have developed, is a 
strategic planning system used to align business activities to the vision and strategy of the 
organization.  The “balanced scorecard” is basically a set of measures that provides a 
comprehensive view of the business and comprises four different perspectives, which 
together enable the development of metrics, collection of data, and analysis of each of 
these perspectives: financial, customer, internal processes, and employee learning and 
growth with vision and strategy at the center (see Figure 3). 
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Adapted from The Balanced Scorecard (Kaplan & Norton, 1992). 
Figure 3. Balanced scorecard. 
 
Together, these tools allow managers to look at the business from four different 
perspectives based on strategy and vision rather than just on controlled measures.  Kaplan 
and Norton (1992) believe that the scorecard supports initiatives such us continuous 
learning and ultimately leads to improved decision making.  Becker, Huselid, and Ulrich 
(1990), on the other hand, utilize the HR scorecard based on a seven-step process that 
does not focus on the financial perspective but, rather, aims at measuring the success and 
performance of HR policies and programs and internal process improvement through 
appropriate feedback mechanisms.  They argued that the shift in the role of HR has 
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forced new efforts to measure HR’s influence on organizational performance.  “Only 
by understanding these linkages and their independence can decision-makers in any 
organization (regardless of size or nature) accurately measure the nature, value, and 
impact of human capital on the bottom line” (Morris, 2006, para. 6). 
Human capital decision making.  In Riabacke’s (2006) study, he attempted to 
investigate how managers make decisions under risk and uncertainty.  The study was 
carried out in two companies and involved 12 managers.  The research methods were 
explorative and data were collected through semi-structured interviews.  Although the 
sample of 12 is rather small and does not represent a large population, the study revealed 
that serious obstacles to making decisions include a lack of relevant real-time data that 
can substitute intuition and gut feelings.  Furthermore, many of the responding managers 
expressed their inabilities to handle tough situations out of fear of making poor decisions.  
This essentially can freeze progress and stifle the organization’s ability to take calculated 
risks.  Managers reported lacking a formal analysis by which problems could be 
addressed initially to formulate best actionable steps.  What this study indicates is that 
managers must have the ability to efficiently make decisions with the support of 
analytically based decision tools to minimize the chances of costly mistakes. 
Many organizations are recognizing the importance of investing in talent 
management versus focusing solely on short-term ROI.  According to Boudreau and 
Ramstad (2007), most ROI calculations have the wrong focus and do little to address the 
needs of the organization as they relate to human capital.  Instead, more and more 
organizations are now using new methods, metrics, scorecards, and dashboards in hopes 
of optimizing their talent management practices to drive positive results.  Boudreau and 
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Ramstad (2007) further argued that HR needs to move toward a talent decision science, 
which is based on a logical framework for identifying the important elements of 
investments and integrating them in a way that enhances decision making.  The so-called 
LAMP (logic, analytics, measures, and process) model is a framework that transforms 
HR into a streamlined strategic force for change.  The four components of the LAMP 
framework provide a complete measurement system that drives strategic change and 
organizational effectiveness.  The essential component of the logical framework is 
connecting talent and organizational investments to achieve strategic success.  With well-
defined logic, the framework becomes clear to leaders and embeds the measures within a 
logic that enhances decisions.  
The distinctive feature of the LAMP model are its measures.  Why?  As is often 
said, If you can’t measure it, you can’t manage it.  Therefore, the focus must be on 
enhancing the quality of HR measures based on criteria such as timeliness, completeness, 
reliability, and consistency while at the same time providing a context in which 
investments yield the greatest return.  These decisions must be supported by relevant and 
valid data.  Being able to interpret the data is just as important: analytics is becoming 
increasingly essential for all HR professionals to draw the right conclusions from data.  
Effective measurement systems add value to the current structure and enable strategic 
success. 
The increased desire for strategic HR has also brought with it a rapid rise in 
demand for HR to improve their talent-measuring capabilities.  “Talentship requires an 
analytical approach to management decision-making” (Doke, 2007, para. 1).  These 
authors argued that in their experience, very few managers were able to effectively 
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demonstrate how talent connects to strategic success.  The goal, according to the 
authors, is to have human processes that are continuously responsive and optimized in a 
holistic manner to better analyze and integrate the findings into plans.  To successfully 
integrate “talentship” into their strategy, performance, and planning, organizations 
require three anchor points for strategic HR.  The first anchor is based on logical and 
consistent thinking to identify pivotal talent essential to strategic success.  Second, the 
organization needs to understand how specific improvements in practices will enhance 
individual and organizational performance.  Third, it is essential to understand how those 
improvements will lead to the overall optimization of organizational practices with a 
systematic logical connection. 
Organizational learning.  Learning organization theory is based upon “we and 
not I,” as it heavily relies on a holistic view of an organization that engages in the change 
process in an open and transparent way.  Schön (1973) was one of the earliest experts to 
argue that organizations are essentially in an unstable state and in need of transformation 
toward continuous learning systems.   
The loss of the stable state means that our society and all of its institutions are in 
continuous processes of transformation. We cannot expect new stable states that 
will endure for our own lifetimes. We must learn to understand, guide, influence, 
and manage these transformations. We must make the capacity for undertaking 
them integral to ourselves and to our institutions. We must, in other words, 
become adept at learning. We must become able not only to transform our 
institutions in response to changing situations and requirements; we must invent 
and develop institutions, which are ‘learning systems’; that is to say, systems 
capable of bringing about their own continuing transformation. (p. 28) 
 
Today, the term “learning organization” simply implies that the organization is dedicated 
to continuous improvement.   
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The learning organization concept gained significant recognition with Senge’s 
(1990) book, The Fifth Discipline, in which he argued that an organization’s ability to 
retain knowledge and learn faster than the competition is the key to sustaining 
competitive advantage.  Senge defines learning organizations as: 
organizations where people continually expand their capacity to create the results 
they truly desire, where new and expansive patterns of thinking are nurtured, 
where collective aspiration is set free, and where people are continually learning 
to see the whole together. (p. 3) 
 
Senge argued that this process starts with leaders.  First, the process of making personal 
changes, and then paving the way toward a learning organization while at the same time 
modeling the process, that is, the five core “learning disciplines” at the foundation of a 
learning organization that collectively enrich the learning process. 
Personal mastery: Commitment to personal growth whereby individuals 
continually learn and relate this to organizational work. 
Mental models: Challenging assumptions and views of the “current reality” and 
seeing how they shape our actions and decisions. 
Building shared vision: Establishing a sense of commitment throughout the 
organization by creating a deeply shared vision.  
Team learning: Creating a “dialogue” and engaging in “thinking together,” where 
the goal is to develop team learning abilities. 
Systems thinking: A shift of mind in which we see the forces and the 
interrelationships that shape the behavior of the environment. 
Senge (1990) further claimed that none of these should be singled out as more 
important than the rest.  In fact, he believes they should be thought of as one to fully 
  
34
appreciate the big picture of how all things relate to each other.  Senge argued that the 
concept of balance and shifting of mind are key to understanding the forces at play; that 
is, everything is interrelated and should be viewed as such to truly understand the 
meaning of systems thinking.  The systems thinking concept demands a massive change 
of culture, as it requires system dynamics in which the focus is on continuous progress 
and learning. 
Dumaine (1994), in his review of Senge’s work, provides some details on Senge’s 
thinking patterns as well as some of the issues with systems thinking, which over the last 
few years have played a major role in the field of organizational learning.  Senge’s 
success with Ford and Federal Express is viewed as Senge’s systems thinking model in 
practice and, although Senge himself believes it takes many years to build a true learning 
organization, he values the progress achieved by both organization so far.  “People 
working together with integrity and authenticity and collective intelligence are 
profoundly more effective as a business than people living together based on politics, 
game playing, and narrow self-interest” (p. 147).  The Ford story, in particular, stresses 
that building a learning organization is not easy and certainly creates much chaos at first.  
One of the main problems has to do with admitting that there is a problem, which ties in 
with Senge’s mental models and letting go of them to open people up to working together 
to find solutions.   
We live under a massive illusion of separation from one another, from nature, 
from the universe, from everything. It’s the great liability we’ve inherited from 
the Industrial Revolution back through the Reformation. The last 2,000 years of 
Western culture has been one massive, long, forced march toward increasing 
fragmentation, toward increasing separation. And that can’t continue because 
we're basically purchasing our standard of living at the expense of our long-term 
sustainability. We’re depleting the earth and we’re fragmenting our spirit. (p. 151) 
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Senge’s concept, although well developed in theory, remains questionable in 
practice as there are very few organizations in the real world that display all the 
characteristics of a true learning organization, according to Senge.  Rather, the result has 
largely been the incorporation of one or a few of the ideas that Senge and others 
recommend.  The main reason for this is that in the real world, organizations are fixated 
on achieving immediate results and, sadly, Senge believes that years will pass before this 
attitude changes.  In any competitive business environment, change is costly and requires 
time (i.e., money) and most organizations are unwilling to take the risks or break their 
business cycles to implement full-scale change.  Harung, Heaton, Graff, and Alexander 
(1996) further illustrated that before an organization embarks on any large-scale 
transformation, it must shift its focus to an inclusive and participatory environment to be 
able to move toward the creation of a learning organization.  Basically, a transition from 
task-based to value-based organizational development is necessary. 
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Table 1 
Two Organizational Development Models 
Old Task-Based Behaviors New Value-Based Behaviors 
Top-down command Empowerment, self-management 
Few effective managers Many effective members 
Vertical hierarchy Horizontal network 
Rigid organizational structure Self-organized and spontaneous 
Many rules Shared vision, few rules 
Division of labor Multidimensional work 
Win–lose assumption and opposition Win–win assumption and mutual support 
Organization competes against others Organization competes against self 
 
 
Argyris (1991) sees learning as essential to organizational survival and success.  
He pointed out that leadership can be both a source of knowledge and the biggest 
obstacle to learning.  He argued that many leaders who occupy key positions within 
organizations are great problem solvers but they do not really know how to learn.  
Argyris added that, to learn, one needs to look inward at one’s behavior.  He explained 
that this problem stems from “single-loop” learning in which leaders are only good at 
correcting an action to solve or avoid a mistake.  The problem, according to Argyris, is 
that these leaders are so efficient in single-loop learning that they never experience 
failure and, as a result, lack introspection and fail to learn or grow from their mistakes.  In 
addition, he pointed out that whenever their single-loop learning strategy fails, or when 
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asked about their role in an organization’s problems, they often take a defensive stance 
or put the blame on anyone and everyone but themselves.  Organizations need to break 
this cycle of single-loop learning by emphasizing introspective behavior as it relates to 
the learner’s action and role within the organization.  The solution, according to Argyris, 
is “double-loop” learning in which leaders correct the underlying causes behind the 
problematic action.  Double-loop learning is essentially about solving complex problems.  
Argyris argued that when faced with challenging problems, double-loop learning relies 
on stewardship, commitment, transparency, accountability, and truth, which promote 
reflective and non-routine learning strategies. 
The argument of having a systematic effort essentially comes down to a proficient 
and inclusive process in which “many” and not “one” lead the process in the same 
direction, based on relevant facts and information.  Senge (1990) strongly believes that 
the most effective leaders are those committed to seeing things as they are.  In other 
words, it is important that the truth is not concealed, as it is often done when politics are 
in play to push forward a hidden agenda.  Organizational learning depends on leadership 
that is willing to make personal changes, empower others, and develop organizational 
structures (e.g., horizontal, flat) that allow for larger numbers of employees to function 
effectively, learn, communicate, and contribute in a more systematic way. 
Emerging Ethical Concerns 
Ethics is simply a means for deciding a proper course of action.  A proper 
foundation of ethics requires a standard of values to which all actions can be measured 
and compared.  Being ethical is not the same as following the law, because laws tend to 
change according to popular views, which do not always protect or include everyone.  
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Ethics involves deciding between right and wrong and what individuals or 
organizations ought to do based on consistent standards and viewed by well-founded 
reasons.  Human resource management deals with training and development-related 
activities in an organization.  Arguably, it is that function of management where ethics 
really matter, since it is the area responsible for policies that deal with discrimination, 
safety, sexual harassment, and the general treatment of employees.  HR basically deals 
with all challenges concerning the employee’s rights and is there to ensure that 
everything goes smoothly and that everyone is protected under equal conditions, which 
are also covered by the federal, state, and local laws.  It is important that human resources 
integrate the ethical dimension of leadership into all leadership training and development 
programs and hold leaders accountable for the ethical influences of their leadership.  
There is very little literature on the topic of ethics in relation to HR analytics due 
to the relatively recent emergence of this field.  Additionally, most data collections occur 
internally and are unlikely to be reported about unless a major scandal occurs.  This topic 
requires further study, as it involves very important and vital ethical issues regarding HR 
analytics practices.  How and what data and information are collected matters for the 
reason that individual privacy rights may or may not be violated.  
Bassi and McMurrer (2007) pointed out that given the rapid advances in the 
software, it will be difficult to predict or prevent abuses of data and information by 
human resources.  There is currently very little oversight as far as protecting the 
individual and the collection of private data by organizations.  Private records, 
preferences, behaviors, and many other types of data and information are currently 
exposed in many ways for organizations to exploit and very little can be done about it.  In 
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a recent case involving Google, it was revealed by the FCC’s findings that Google 
obtained not only visitors’ private data, but also that of millions of unknowing 
households using their specially equipped cars while driving around neighborhoods.  The 
FCC investigation resulted in a $25,000 fine for practically getting away with millions of 
users’ private data, including Internet communication, pictures, emails, and texts.  These 
sophisticated analytics tools allowed a company like Google to take advantage of private 
data without being exposed for over 18 months.  What was the purpose of the collected 
data?  Did their human resources know that Google was violating the Wiretap Act or the 
Communications Act?  No one knows what human resources knew or otherwise.  What 
remains clear is that ethics must play an important role in all decision making, and human 
resources should take a proactive approach to ensure that the organization remains ethical 
and within legal considerations. 
Summary 
Given the varying research on HR research and analytics movement as it pertains 
to HR strategy, decision making, and execution, further study is warranted on the use of 
predictive analytics in the context of HR decision making and use of predictive analytics.  
In addition, comparing HR analytics practices across industries provides useful data, 
which promotes best practices and improves the field of HR research and analytics 
practices in organizational settings.  With a recent rise in technological tools available, 
the use of predictive analytics will look vastly different from the research practices of the 
last decade.  
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Chapter 3: Research Methods 
Introduction 
This researcher employed a non-experimental cross-sectional descriptive design 
and used a survey instrument to explore the extent to which Fortune 1000 and select 
global firms are performing HR research and analytics practices and to determine how 
these analytics are being used.  In doing so, best practices were identified and shared 
among participating companies.  The population and sample were identified using a 
third-party consulting firm with a database of over 3,000 HR professionals who are 
currently employed by organizations that represent the Fortune 1000 and select global 
firms.   
Research Questions 
As outlined in Chapter 1, the following research questions were posed: 
1. What types of HR research and analytics practices are currently being performed 
in best-in-class organizations? 
2. How are HR research and analytics activities and groups organized and structured 
within these organizations? 
3. To what extent do HR research and analytics facilitate HR strategy, decision 
making and execution, and organizational learning? 
4. What is the meaning of “HR intelligence” for those who perform HR research and 
analytics work? 
5. What are the ethical implications associated with the HR research and analytics 
and predictive analytics movement? 
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Research Design and Rationale 
This study primarily sought to investigate analytics practice within Fortune 1000 
organizations.  The study represents quantitative descriptive research design using a 
customized, web-based survey instrument.  The design and methodological approach 
allowed for the exploration and assessment of several variables of interest related to HR 
research and analytics currently undertaken in large organizational settings.  
According to Creswell (2008), a quantitative approach is preferable when the 
“researcher seeks to establish the overall tendency of responses from individuals and to 
note how this tendency varies among people” (p. 51).  An obvious limitation in this study 
is the single-method bias associated with using only a survey instrument.  Other data 
collection methods were considered impractical to administer given the population and 
size of the sample that are globally and geographically dispersed.  Nonetheless, surveys, 
in general, are the most prevalent, economical, and efficient means by which to collect a 
large amount of data in a reasonable amount of time (Church & Waclawski, 1998; 
Falletta, 2008b; Fowler, 2009; Kraut, 1996).   
Site and Population 
There was no single specific site or location for the study.  A convenience sample 
was obtained in the form of an email list of over 3,000 HR professionals and specialists 
working in Fortune 1000 companies and select global firms that was obtained from a 
third-party, professional HR consulting firm.   
Population Description 
This sample population of over 3,000 HR professionals represented large 
organizations in the United States and abroad.  For the purposes of this study, at least two 
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HR professionals were selected from each company listed in the Fortune 1000 in 2012 
and included in the sample.  These HR professionals were either the most senior HR 
executive (CHRO) and/or a functional HR leader (e.g., organization development, talent 
management, HRIS) or HR specialists who lead HR research and analytics activities.   
Research Methods 
As mentioned, the study used a customized web-based survey to collect data and 
explore the extent to which Fortune 1000 and select global firms are currently performing 
HR research and analytics practices.   
Instrumentation 
As indicated, a customized, web-based survey was developed for collecting data 
relevant to the study questions (see Appendix A).  The survey comprised 29 
questionnaire items.  Some items were adapted from a benchmarking study conducted in 
2001 by the principal researcher on the topic of HR intelligence practices (Falletta, 
2008a) while other variables were adapted and used from a survey instrument developed 
by senior research scientists at the University of Southern California’s Center for 
Effective Organization (Levenson, 2011; Levenson, Lawler, & Boudreau, 2005). 
The survey instrument was reviewed by three HR analytics practitioners for 
feedback in terms of content validity.  Two survey methodologists pre-tested the 
questionnaire with respect to the overall survey design and construction.  As a result, 
several revisions were made to enhance the overall quality and content of the survey 
instrument. 
Several types of questionnaire items, response alternatives, and scales (i.e., 
unipolar and bipolar) were implemented.  The majority of items on the questionnaire are 
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closed-response survey items, such as the 5-point Likert-type scales (Likert, 1967).  
Additionally, a few open-response items are included on the questionnaire to permit 
respondents to comment on HR analytics and strategy practices in general and the ethical 
implications associated with the application of HR analytics in particular.  
As previously mentioned, the anchoring labels on the 5-point rating scales varied 
with respect to the nature and intent of each item.  For example, the anchoring labels used 
with Item 7 ranged from “to no extent” to “a very great extent” while the anchoring labels 
used with Item 13 ranged from “very ineffective” to “very effective.”  The majority of the 
items employed the standard unipolar anchoring label “to no extent” to “to a very great 
extent.”  Although the anchoring labels vary on some of the Likert-type scales, the impact 
on participant responses is thought to be minimal.  Chang (1997) found no significant 
difference in response variability between respondents using different anchoring labels; 
hence, he concluded that researchers need not be overly concerned with the practice of 
using different labels to anchor Likert-type scales.   
In terms of content, the survey instrument included items related to the nature and 
type of HR research and analytics practices, the organization and structure of HR 
research and analytics functions, and core HR analytics capabilities and processes.  The 
survey instrument also included items pertaining to the concept and meaning of HR 
analytics (i.e., the meaning of the term “HR analytics” from a HR practitioner’s 
viewpoint).  Of significance, the survey contained several items concerning the role of 
HR analytics in facilitating HR strategy and human capital decision making as well as 
emerging ethical issues associated with the application of HR predictive analytics.  
Lastly, key demographic variables were included on the survey instrument to determine 
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whether any differences existed in terms of industry, company size, and the HR 
practitioner’s role, to name a few.  
Data Analysis Procedures 
This quantitative research study relied on descriptive statistical analyses, such as 
frequency distributions, percentages, and mean scores.  Cross tabulations across 
demographic variables were also performed.  
Data collection.  An email invitation to participate was sent to the sample 
population (N = 3,062) with an embedded URL (i.e., hyperlink) to the survey site (see 
Appendix B).  Upon entering the survey site, participants read an informed consent page 
outlining the risks and benefits associated with the study and the safeguards in place to 
ensure individual anonymity and confidentiality.  To participate in the survey, 
participants clicked a box to indicate that they had read the informed consent page prior 
to proceeding to the survey.  However, participants could withdraw their responses from 
the study at any time throughout the survey administration phase.  The survey 
administration window remained open for three weeks and email reminders to participate 
were sent weekly to encourage participation and ensure an adequate response rate.  At the 
end of the survey, participants were asked whether they would like to receive a summary 
report for their participation.   
Ethical Considerations 
This study presented minimal risk of harm to the participants and did not involve 
any procedures requiring consent outside of the context of participation in the survey.  
The research was reviewed and approved through Drexel University’s IRB process.  
Informed consent was obtained prior to the participants being able to enter the web-based 
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survey.  Informed consent included a written statement of the basic elements of 
consent (e.g., risks, benefits, confidentiality) followed by a statement indicating 
participants’ agreement was solidified by clicking or signing. 
In addition, a brief summary of the research methodology was provided and the 
participants were assured of their individual anonymity and confidentiality.  Further, 
participants were able to click a button labeled “Exit this survey” to opt-out of the survey 
at any point.  In this way, participants were able to withdraw completely from the study.   
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Chapter 4: Research Findings 
Findings 
This chapter describes the sample population, response rate, findings, and results 
of the research study.  In total, 3,062 HR professionals were invited to participate in the 
study.  The survey was completed by 220 respondents, each representing a different 
company.  These respondents reported that they had worked in human resources for a 
mean of 12.8 years, with a range of 7 to 40 years.  Table 2 reports the frequency 
distributions of characteristics relating to the credibility of the respondents’ views on 
human resources management and HR research and analytical practices.  
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Table 2 
Frequency Distributions of Characteristics Relevant to Respondents’ Views on HR 
Practices 
Characteristic Category N Percent 
Highest level of education 
completed 
Bachelor’s degree (BS/BA) 40 18.3 
Master’s degree (MS/MA) 125 57.1 
Professional degree (JD, MD) 4 1.8 
Doctoral degree (Ph.D., Ed.D., PsyD, DBA) 50 22.8 
Subtotal 219 100.0 
Field or discipline of 
highest degree 
Business Administration, Management (e.g., 
MBA) 67 30.6 
Legal/Law (e.g., JD) 6 2.7 
Industrial & Organizational Psychology, 
Organizational Science  29 13.2 
Human Resource Development, Training & 
Learning, Organization Development 42 19.2 
Human Resources/Human Capital Management, 
Organizational Behavior (Business School) 41 18.7 
Quantitative Methods, Statistics, Decision 
Science, Operations Research 15 6.8 
Other (liberal arts, accounting, etc.) 19 8.7 
Subtotal 219 100.0 
Role in HR HR supporting a business unit 11 5.0 
HR specialist in research and analytics 187 85.0 
Other HR functional specialist 19 8.6 
Other 3 1.4 
Subtotal 220 100.0 
    
  
48
Table 2 (continued)    
Characteristic Category N Percent 
Job level Chief HR Officer (Top HR Leader or Head of 
HR) 2 0.9 
Vice President 12 5.5 
Director 81 36.8 
Manager/Supervisor 63 28.6 
Individual Contributor 62 28.2 
Subtotal 220 100.0 
 
 
 
The majority of respondents (57.1%) had a master’s degree, and nearly a quarter 
of them (22.8%) had a doctorate.  The most common fields or disciplines of respondents’ 
highest degrees were business administration and management, training and 
development, and human resources/human capital management.  Most of the respondents 
(85%) reported that their role in HR was as a HR specialist in research and analytics.  Just 
over one-quarter of the respondents (28.2%) indicated that their job in HR was non-
managerial (i.e., individual contributor); all of the rest (71.8%) reported their job as 
having some managerial/supervisor responsibility.  The sample of 220 companies in this 
study represented 47 industries.  Additional characteristics of the sample companies are 
summarized in Table 3. 
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Table 3 
Categorically Measured Characteristics of Companies Included in the Sample 
Characteristic Category N Percent 
Number of Employees 1,000 – 4,999  22 10.0 
5,000 – 19,999  89 40.5 
20,000 – 99,999  69 31.4 
≥ 100,000  40 18.2 
Subtotal 220 100.0 
Geographic Structure National (operations in one country only) 48 21.9 
Multi-national (national/regional operations acting 
independently) 120 54.8 
Global (high-level of global integration) 51 23.3 
Subtotal 219 100.0 
Company Headquarters United States of America (USA) 199 90.5 
Americas – Outside of the USA (Canada, Latin 
America) 2 0.9 
EMEA (Europe, Middle East, and Africa) 12 5.5 
APAC (Asia–Pacific) 7 3.2 
Subtotal 220 100.0 
Gross Revenue $1 to $1.99 billion 15 6.8 
$2 to $4.99 billion 75 34.1 
$5 to $9.99 billion 39 17.7 
$10 to $19.99 billion 26 11.8 
$20 – $49.99 billion 36 16.4 
≥ $50 billion 29 13.2 
Subtotal 220 100.0 
Fortune Category Fortune 501-1000 82 37.3 
Fortune 101-500 74 33.6 
Fortune 1-100 39 17.7 
Select $1 billion plus 4 1.8 
Global 21 9.5 
Subtotal 220 100.0 
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All the companies were in the Fortune 1000 or larger category.  The gross 
revenues of the sample’s companies were quite evenly distributed over the range of $1 
billion to $50 billion or more.  The sample was almost exactly evenly split between 
companies that had between 1,000 and 20,000 employees and companies that had 
between 20,000 and 100,000 or more employees.  Similarly evenly split was the mean 
percentage of the company workforce exempt (salaried) vs. non-exempt (hourly-paid) 
status.  Over half (54.8%) the companies were multinational (defined as having 
independently acting operations in different nations or regions).  The vast majority of the 
companies (90.4%) had their headquarters in the United States.  A low percentage of the 
companies (10.5%) reported that they were members of the Mayflower Group (a 
consortium of over 40 companies that jointly establish norms for employee attitude 
measurement, benchmarking, and other criteria serving as the basis for key business 
decisions). 
This study addressed five research questions.  The first question sought to 
ascertain the types of human resources (HR) research and analytics practices currently 
used in their (best-in-class) organizations.  The survey covered this by eliciting 
importance ratings for 18 HR research and analytics practices.  The descriptive statistics 
for the importance ratings of these practices are reported in Table 4. 
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Table 4 
Descriptive Statistics for the Importance Ratings of HR Research and Analytics Practices 
HR Research and Analytics Practices  
Importance Ratings 
       N                Mean SD 
Ad hoc HRIS data mining 218 3.50 1.108 
HR metrics & indicators 218 3.63 .876 
HR scorecards & dashboards 211 3.57 .930 
Employee & organizational surveys 220 4.15 .936 
Employee/talent profiling 215 3.64 1.049 
360-degree or multi-rater feedback 218 2.93 1.067 
HR benchmarking 215 3.27 1.056 
Selection research 210 3.07 1.160 
Training and HR program evaluation 220 3.27 .983 
Return-on-investment (ROI) studies 212 3.05 1.072 
Labor market, talent pool & site/location identification research 215 3.23 1.015 
Workforce forecasting 215 3.55 1.057 
Talent supply chain 172 3.23 1.162 
Qualitative research methods 212 3.01 1.101 
Literature review 214 2.86 1.111 
Partnership or outsourced research 213 3.60 1.123 
Advanced organizational behavior research & modeling 208 3.13 1.288 
Operations research & management science 148 2.33 1.274 
 
 
The overall mean importance rating was 3.28, which falls within the moderately 
important scale category.  The 95% confidence interval around the overall mean extends 
from 3.08 to 3.48.  Thus, any practices with means outside of this interval can be 
considered to be significantly lower or higher than average.  The practices that the 
respondents considered to be significantly less important than average included (from 
lowest importance upward): 
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• Operations research & management science 
• Literature review 
• 360-degree or multi-rater feedback 
• Qualitative research methods 
• Return-on-investment (ROI) studies 
• Selection research 
The practices the respondents considered to be significantly more important than average 
included (from highest importance downward): 
• Employee & organizational surveys 
• Employee/talent profiling 
• HR metrics & indicators 
• Partnership or outsourced research 
• HR scorecards & dashboards 
• Talent supply chain 
• Ad hoc HRIS data mining 
The second research question sought to ascertain how HR research and analytics 
activities and groups are organized and structured within large organizations.  The study 
addressed this question by eliciting responses to the following survey questions: 
• Does your company have an individual or function dedicated to HR research and 
analytics? 
• (If yes to above) what is the number of full-time equivalent employees in the HR 
research and analytics function or group? 
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• (If yes to above) how many levels below the Chief HR Officer (Top HR Officer 
or Head of HR) is the highest position in the group? 
• Please indicate the extent to which HR research and analytics function or group 
has full access to all HR data and information globally (5-point scale). 
The companies that were reported to have an individual or function dedicated to 
HR research and analytics numbered 169 (76.8% of the sample).  Table 5 presents the 
descriptive statistics for the number of full-time employees assigned to the HR research 
and analytics function and for the number of levels below the chief HR officer at which 
the highest position in this function was situated.  
 
Table 5 
Descriptive Statistics for Staffing Characteristics of the HR Research Function 
HR Research Staffing Characteristic N Mean SD 
Number of full-time employees in the HR research 
and analytics function 168 5.43 5.12 
Number of levels below the Chief HR Officer  169 2.15 .906 
 
 
The results in Table 5 indicate a very wide range of staffing levels for the HR 
research function in the companies having such a function.  However, 62% of the 
companies had staffing levels of five people or less in this function, and 92% had 12 or 
fewer people assigned to this function.  Additional analyses found that the staffing level 
of this function was higher in companies with higher gross revenues and higher numbers 
of employees. 
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Regarding the highest position level in the HR research functions relative to 
that of top HR official in these companies, the mean were only two levels down from the 
top, indicating a substantial degree of organizational status being accorded this function.  
Examination of these means within total employee levels and gross revenue levels found 
very little variation across these levels. 
The final survey item addressing this research question elicited ratings of the 
extent to which the HR research and analytics function or group has full access to all HR 
data and information globally.  The ratings of this item had a mean of 4.59 on a 5-point 
scale extending from not at all to a very great extent.  The frequency distribution for this 
item is reported in Table 6. 
 
Table 6 
Frequency Distribution of Ratings of Extent to which the HR Research Function Has 
Access to HR Data Globally 
 
Rating Frequency Percent 
Not at all 0 0.0 
To a small extent 2 1.2 
To a moderate extent 11 6.6 
To a great extent 40 24.0 
To a very great extent 114 68.3 
Total 167 100.0 
 
 
 
The frequency distribution in Table 6 indicates that over 92% of the respondents reported 
that their company’s HR research function has access to the company’s HR data globally 
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to a great extent or more.  Combined with the overall mean of 4.59, it seems clear that 
such access is the norm for HR research functions in this sample of companies. 
The third research question inquired about the extent to which HR research and 
analytics facilitate HR strategy, decision making and execution, and organizational 
learning.  Several groups of survey items were used to provide insight into the issue 
addressed by this research question.  First, the survey section entitled HR Analytics Role 
in HR Strategy posed the following question: 
Which of the following best describes the relationship between HR analytics 
and HR strategy formulation and implementation/execution at your company?  
Four alternatives were offered, from which the respondent was requested to select one as 
being most descriptive of the HR research function in his/her company.  The alternatives 
and their frequencies of choice are reported in Table 7. 
 
Table 7 
Frequency Distribution of the Four Alternatives for Describing the Relationship between 
HR Analytics and HR Strategy in the Respondent’s Company 
 
Relationship N Percent 
HR analytics plays no role in HR strategy formulation and decision 
making 14 6.4 
HR analytics is involved in implementing/executing HR strategy 66 30.3 
HR analytics provides input to the HR strategy and helps implement it 
after it has been formulated 108 49.5 
HR analytics plays a central role in the formulation and implementation 
of HR strategy 30 13.8 
Total 218 100.0 
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HR analytics was characterized as having input into HR strategy formulation 
but not playing a central role in its formulation in about half the sample companies.  Such 
a central role in HR strategy formulation was reported for less than 15% of the companies 
in the sample, whereas in nearly 37% of the sample, HR analytics was characterized as 
playing little or no role in HR strategy formulation. 
The second group of survey items used to provide insight into the issue of the 
degree to which companies relied on HR research and analytics consisted of 24 HR 
activities on which the company’s capabilities were rated on an 11-point scale of HR 
intelligence to reflect the degree of sophistication in HR decision making.  The low end 
of this scale (i.e., zero) was anchored by the statement Human capital decisions are 
largely based on prior experiences, gut feelings, current trends, and/or fads.  The high 
end of the scale (i.e., 10) was anchored by the statement Human capital decisions are 
based on insightful HR analytics that are largely predictive and supported by a synthesis 
of the best available scientific evidence (i.e., evidence-based HR).  The descriptive 
statistics for the ratings of these 24 HR activities are reported in Table 8. 
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Table 8 
Descriptive Statistics for Ratings of 24 HR Activities on the HR Intelligence Scale 
HR Activity N Mean SD 
HR strategy 215 5.62 2.049 
Workforce planning 215 5.54 2.131 
Recruitment 214 5.03 2.013 
Selection 214 4.76 2.491 
Employee onboarding 214 3.95 2.229 
Compensation 215 5.90 1.663 
Benefits 215 5.34 2.405 
Training and development 215 4.88 1.908 
Management & leadership development 211 4.99 2.116 
Career development 215 4.07 1.944 
Succession planning 215 5.09 2.135 
Organization development 213 4.83 2.115 
Organization design 212 3.86 2.500 
Knowledge management 213 3.48 1.980 
Organizational learning 213 3.92 2.095 
Change management 212 4.58 2.205 
Employee & organizational surveys 214 6.59 2.353 
Competency & talent assessments 214 5.35 2.568 
Employee engagement & retention 212 6.05 2.205 
Performance appraisal & management 214 5.29 2.092 
Advancement & promotions 215 4.81 2.207 
Diversity & inclusion 211 4.53 2.355 
HR legal & compliance 212 5.11 2.404 
Reduction in force & downsizing 206 5.14 2.462 
 
 
 
The overall mean across the 24 activities was 4.95, which is about one full point 
below the midpoint of the 0-10 range of the scale.  The 95% confidence interval around 
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the overall mean extended from 4.63 to 5.26.  Seven activities had mean ratings that 
fell below the lower bound of the confidence interval, meaning they were rated 
significantly lower than average.  These are listed below from lowest to highest: 
• Organizational learning 
• Knowledge management 
• Change management 
• Employee onboarding 
• Career development 
• Advancement & promotions 
Eight activities had mean ratings that fell above the upper bound of the confidence 
interval, meaning they were rated significantly higher than average.  These are listed 
below from highest rated downward: 
• Employee & organizational surveys 
• Employee engagement & retention 
• Compensation 
• HR strategy 
• Workforce planning 
• Competency & talent assessments 
• Benefits 
• Performance appraisal & management 
Note that the mean of even the highest-rated activity represented barely 60% of the 11-
point scale range.  The means of 19 of the 24 activities (79%) fell below the midpoint of 
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the scale range.  Thus, the consensus was that a substantial majority of the HR 
activities were less than even moderately sophisticated, and none of the activities were 
more than moderately sophisticated. 
The third and final group of survey items from which insight into the issue of the 
degree to which companies rely on HR research and analytics in their HR decision 
making was obtained were contained in a section labeled Core HR Analytics Capabilities 
& Processes.  This section elicited ratings on a 5-point scale of effectiveness (viz., 1 = 
very ineffective, 5 = very effective) for six core activities of HR research and analytics.  
The descriptive statistics for the effectiveness ratings of these six HR research and 
analytics activities are reported in Table 9. 
 
Table 9 
Descriptive Statistics for the Effectiveness Ratings of Six Core Activities of HR Research 
and Analytics 
 
Core HR Research Activity N Mean SD 
Performing value-added HR research and analytics that 
enables strategy formulation, decision making, execution, 
and organizational learning 214 3.42 .993 
Gathering external or competitive data and information on 
other best-in-class companies/organizations 218 3.56 .978 
Gathering internal data and information to better understand 
your people, talent, and workforce in the context of the 
business 218 3.73 .876 
Linking multiple data and information sources to predict, 
model, and forecast individual, group, and organizational 
behavior and performance outcomes 218 2.71 1.129 
Analyzing and transforming data and information into 
knowledge, insight, and foresight 217 3.28 1.122 
Communicating and reporting insightful and useful research 
findings and intelligence results 217 3.42 .905 
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The overall mean rating across the six activities was 3.35, which was at the 
upper end of the somewhat effective scale interval.  The 95% confidence interval around 
this mean extended from 2.99 to 3.72.  The mean rating of only one activity fell outside 
this interval: Linking multiple data and information sources to predict, model, and 
forecast . . . , which had a mean that was significantly lower than the overall mean.  
However, its mean fell into the same interval as did the overall mean.  
Research question four inquired as to the meaning of HR intelligence to those 
who perform HR research and analytics work.  This research question was addressed 
through two sets of responses.  The first of these consisted of the responses elicited with 
regard to the seven items in the survey section entitled The Meaning of “HR Research 
and Analytics.”  Respondents were requested to rank-order the items in terms of how 
accurately they described what HR analytics meant to them.  The descriptive statistics for 
the rankings of these items are reported in Table 10. 
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Table 10 
Descriptive Statistics for Respondents’ Rankings of Items Describing the Meaning of HR 
Analytics 
 
HR Analytics Description N Mean SD 
Standard tracking, reporting, and benchmarking of HR 
metrics 219 4.67 2.070 
Ad hoc querying, drill-down, and reporting of HR metrics 219 4.92 1.694 
Moving beyond “descriptive” HR metrics 219 2.66 1.461 
Making better human capital decisions by using the best 
available scientific evidence 219 2.63 1.513 
Segmenting the workforce and using statistical analyses 219 3.48 1.500 
Using advanced statistical analyses, predictive modeling 
procedures 219 4.37 1.876 
Operations research and management science methods for 
HR optimization 219 5.90 1.596 
 
 
 
The overall mean rank was 4.09.  The 95% confidence interval around the mean 
rank extended from 2.96 to 5.22.  The means for none of the items fell below the lower 
bound of the confidence interval.  The mean for only one item fell above the upper bound 
of the confidence interval.  The item with this significantly higher mean rank (denoting a 
description farther from the meaning of HR analytics than the other descriptions) was 
Operations research and management science methods for HR optimization.  The failure 
of any item to emerge as significantly more descriptive than the others reflects a diversity 
of views regarding the central activities of HR analytics. 
The second set of responses intended to address the meaning of HR research and 
analytics were those elicited by the following survey item: 
Which of the following best describes the relationship between HR 
analytics and broader HR/organizational behavior research being 
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performed in-house by HR professionals within your company (choose 
only one)? 
The response alternatives offered for this item were: 
• HR analytics is the same as HR/organizational behavior research 
• HR analytics and HR/organizational behavior research are two separate fields or 
disciplines 
• HR analytics is a subset of HR/organizational behavior research 
• HR/organizational behavior research is a subset of HR analytics 
The frequency distribution of responses to this item is reported in Table 11. 
 
Table 11 
Frequency Distribution of Responses to Item Inquiring about the Relationship Between 
HR Analytics and Broader HR/Organizational Behavior Research 
 
HR Analytics Relationships N Percent 
HR analytics is the same as HR/organizational behavior research 56 25.7 
HR analytics and HR/organizational behavior research are two separate 
fields or disciplines 83 38.1 
HR analytics is a subset of HR/organizational behavior research 54 24.8 
HR/organizational behavior research is a subset of HR analytics 25 11.5 
Total 218 100.0 
 
 
 
There appears to be a clear preference for the alternative stating, “HR analytics 
and HR/organizational behavior research are two separate fields or disciplines.”  
However, the first and third alternatives were selected by fully a quarter of the sample 
each, so they are not to be disregarded.  The only alternative that failed to gain more than 
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a token level of endorsement was alternative #4: “HR/organizational behavior research 
is a subset of HR analytics.”  
The fifth and final research question sought to gain insight into the ethical 
implications associated with the HR research and analytics and predictive analytics 
movement.  This question was addressed by a section of the survey that posed the 
following question: 
Please indicate the extent to which you believe (irrespective of your 
company’s practice) the following workforce data collection and/or 
predictive HR analytics practices are appropriate (assume all are legal) to 
use for human capital decision making. 
Respondents were requested to rate 21 workforce data collection and HR analytics 
practices on a 5-point scale of appropriateness ranging from absolutely inappropriate to 
absolutely appropriate.  The descriptive statistics for the appropriateness ratings of these 
21 practices are reported in Table 12.  
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Table 12 
Descriptive Statistics for Ratings of Appropriateness of Workforce Data Collection and 
HR Analytics Practices 
 
Workforce Data Collection/HR Analytics Practice N Mean SD 
Performance appraisal/evaluation ratings 215 4.47 .654 
Forced ranking employees for performance appraisal/evaluation 
purposes 217 3.26 1.075 
Personality assessment results 217 3.64 .908 
The use of intelligence (IQ) test scores 215 3.05 1.004 
The use of emotional intelligence (EQ) test scores 216 3.16 .947 
The use of Myers-Briggs typologies 212 3.06 1.159 
The use of standardized academic achievement test scores 217 2.67 1.089 
The use of general surveys that explore a job applicant or 
employee’s attitudes, preferences, values, and behavior, which 
include seemingly innocuous and irrelevant items/questions 
pertaining to their personal life (e.g., “what magazines do you 
subscribe to?” and “what pets do you have?”) 217 2.79 1.375 
A job applicant’s “hometown” 217 1.57 .890 
Whether a new employee signed up for the company retirement 215 2.24 1.307 
Public data and information obtained from social media websites 213 2.69 1.120 
Private data and information obtained from social media 
websites 215 1.48 .836 
An employee’s prescription drug usage 215 1.44 .733 
Employee data obtained from a “Wellness” or employee services 
website 216 1.81 1.134 
Surveillance video to monitor work patterns and behavior 215 2.16 1.218 
Electronic performance monitoring technologies 214 2.53 1.201 
360-degree feedback results designed solely for the leadership 
development purposes 217 3.71 1.238 
Pre-coding seemingly harmless survey demographic data 217 3.81 1.169 
Pre-coding survey demographic data from “top talent” 
employees 217 3.75 1.069 
Pre-coding diversity related survey demographic data 217 3.08 1.214 
Conducting employee email analysis to identify trust issues 215 2.42 1.223 
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The overall mean appropriateness rating was 2.80, which falls within the 
neutral interval of the scale.  The 95% confidence interval around the overall mean 
extends from 2.42 to 3.18.  Five of the practices had means that were both significantly 
lower than the overall mean and that fell into the inappropriate scale interval.  These are 
listed below (ordered from lowest upward): 
• Private data and information obtained from social media websites 
• A job applicant’s “hometown” 
• Employee data obtained from a “Wellness” or employee services website 
• Surveillance video to monitor work patterns and behavior 
• Whether a new employee signed up for the company retirement plan 
Five other practices had mean ratings that were both significantly higher than the 
overall mean and fell into the appropriate scale interval.  These are listed below from 
highest-rated downward: 
• Performance appraisal 
• Pre-coding seemingly harmless survey demographic data 
• Pre-coding survey demographic data from “top talent” employees 
• 360-degree feedback results designed solely for leadership development purposes 
• Personality assessment results 
The above five highest-rated practices were the only practices with sample means that 
fell into the appropriate scale interval.  It is noteworthy that 76% of the listed practices 
were considered neutral or inappropriate by the sample as a whole. 
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Chapter 5: Conclusions, Discussion, and Suggestions for Future Research 
Summary 
This study investigated the extent to which Fortune 1000 and select global firms 
are performing HR research and analytics practices.  In this study, over 3,000 HR 
professionals representing the entire Fortune 1000 for 2012 as well as select global 500 
firms were invited to participate in The HR Analytics Project.  A targeted, snowball 
sampling approach was also used to promote and generate interest in the project.  For 
example, the web-based survey was sent to several notable membership consortia 
including The Mayflower Group, Information Technology Survey Group (ITSG), and 
Attrition and Retention Consortium (ARC) as well as a number of LinkedIn groups 
dedicated to HR metrics and analytics, employee engagement surveys, workforce 
planning, and human capital strategy.  The survey included items related to the nature and 
types of HR research and analytics practices, the organization and structure of HR 
research and analytics functions, and core HR analytics capabilities and processes.  The 
survey instrument also included items pertaining to the concept and meaning of HR 
analytics (i.e., the meaning of the term “HR analytics” from a HR practitioner’s 
viewpoint) as well as several items concerning the role of HR analytics in facilitating HR 
strategy and human capital decision making and the emerging ethical issues associated 
with the application of HR predictive analytics. 
In total, 220 distinct company participants completed the survey.  The 
observations and insights that follow are based on a non-probability sample of HR 
professionals and should be interpreted with caution.  The principal researcher believes 
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the conclusions in this study are likely to be generalizable to the companies that make 
up the Fortune 1000 for the following reasons: 
• The sample population (i.e., senior HR professionals, N = 3,062) was drawn from 
the entire Fortune 1000 list as well as from over 100 large, global firms 
headquartered outside the United States.  
• In total, 220 distinct companies representing 47 different industries participated in 
the study.  
• Of the 220 companies, 195 are Fortune 1000 firms (i.e., 19.5% of the Fortune 
1000) and 39 (17.7%) are Fortune 100 companies.  
• In terms of international participation, 21 respondents were from global firms 
headquartered outside the United States.  
• Although multiple email invitations to participate in the study were sent, no 
duplicate responses were received.  Virtually all recipients of the invitation to 
participate in the project forwarded the survey to the best individual or group 
responsible for HR research and analytics at their company.  
• Eighty-five percent (N = 187) of respondents were senior HR leaders and 
specialists who regularly perform research and analytics related work (e.g., 
metrics, employee/organizational surveys, assessments, evaluation, applied OB 
research). 
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Conclusions 
Research Question One: What types of HR research and analytics practices are 
currently being performed in best-in-class organizations?  
 
The first research question examined different types of HR research and analytics 
practiced by Fortune 1000 and select global firms.  Out of 18 HR research and analytics 
practices, the respondents considered employee and organizational surveys, employee 
talent profiling, and HR metrics and indicators to be significantly more important than the 
rest of the HR research and analytics practices in terms of strategy formulation and 
decision making.  It was not too surprising since the largest and most successful 
companies in terms of size and revenue tend to invest a significant amount of resources 
and time on employee and organizational survey initiatives, managing talent, and 
tracking human capital metrics.   
Interestingly, over a third of all respondents (36.4%, N = 80) reported employee 
and organizational surveys as the most expensive or costly to perform and the third most 
time consuming HR research and analytics practice.  Falletta (2008a) and Fink (2010) 
found that while costly to perform, the annual, company-wide employee survey still 
serves as the primary data source for HR strategy formulation and human capital decision 
making.  Mondore, Douthitt, and Carson (2011) argued that organizations already spend 
significant dollars on employees and that the problem is not that senior executives are not 
willing to invest in people.  The problem, according to them, is that those investments 
lack data to justify their worth and return-on-investment.  Hence, companies are indeed 
making human capital investments despite HR’s ability to demonstrate the impact of their 
efforts on desired organizational outcomes. 
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Respondents rated advanced OB research and modeling as the most time 
consuming and most difficult to perform, whereas the talent supply chain (e.g., analytics 
to make decisions in real time for optimizing immediate talent demands in terms of 
changing business conditions) was rated the second most difficult to perform, which is 
consistent with previous research and observations (Davenport, Harris, & Shapiro, 2010).  
Surprisingly, the literature review among Fortune 1000 received the second lowest 
importance rating (2.82), whereas global firms (i.e., companies headquartered outside the 
United States) rated the importance of literature reviews significantly higher than all the 
U.S.-based Fortune 1000 firms, thereby suggesting a greater interest in and orientation 
toward evidence-based HR in terms of HR strategy and decision making.  In short, the 
results of this study and previous research on the topic indicate that HR professionals at 
many best-in-class companies are indeed performing a wide range HR research and 
analytics (Bassi et al., 2010; Falletta, 2008a; Fink, 2010; Levenson, 2011) well beyond 
metrics.  
Research Question Two: How are HR research and analytics activities and groups 
organized and structured within these organizations? 
 
The second research question examined the existing organization and structure of 
HR research and analytics practices.  Over three-quarters of all participating companies 
(76.8%, N = 169) indicated that they have an individual or function dedicated to HR 
research and analytics.  While the function or group “names” vary, the nature and content 
of the practices and activities appear to be HR research and analytics related.  HR 
analytics was the most common function or group name (N = 13) followed by HR 
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intelligence (N = 7), workforce analytics (N = 7), and talent analytics (N = 6), 
respectively. 
The results indicate a very wide range of staffing levels for the HR research and 
analytics function.  However, 62% of the companies had staffing levels of five or fewer 
people in the group and 92% had 12 or fewer people assigned to this function.  
Additional analyses found that the staffing level of this function was higher in companies 
with higher gross revenues and a larger workforce (i.e., headcount).  Moreover, these 
results do not suggest that the remaining participating companies (i.e., those without a 
dedicated function or group; 23.2%, N = 51) are not engaged in HR research and 
analytics practices.  It is clear that all the participating companies are performing HR 
research and analytics work at some level.  
Caveats aside, a key challenge is the small size of HR research and analytics 
groups relative to the total number of HR headcount in many large companies.  HR 
specialists in research and analytics tend to possess a highly specialized set of skills and 
expertise and generally hold advanced degrees, as found in this study.  The challenge, as 
Levenson (2011) explained, is that HR professionals who reside outside of the central HR 
analytics function (e.g., HR business partners) are often in the best position to identify 
HR research and analytics opportunities and yet they usually do not possess the 
competencies to do so. 
Regarding the highest position level in the HR research and analytics groups 
relative to that of the Chief HR Officer, the mean and mode were only two levels down 
from the top, indicating a substantial degree of organizational status being accorded this 
function.  Examination of the data within total headcount and gross revenue levels found 
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very little variation across these levels.  Nearly a third (31.4%, N = 53) of all dedicated 
HR research and analytics groups report directly to the Chief HR Officer (i.e., Head of 
HR) suggesting that these functions are strategically positioned in terms of organizational 
structure. 
The final survey item related to this research question addressed the extent to 
which the HR research and analytics function has full access to all HR data and 
information globally.  Over 92% of the respondents (N = 154) reported that their 
company’s HR research and analytics function has access to the company’s HR data 
globally to a great extent or more.  Combined with the overall mean of 4.59, it seems 
clear that such access is the norm for HR research and analytics functions despite the 
myriad of disparate data and information sources, HR systems and technological tools, 
and data privacy restrictions (e.g., EU Data Privacy Protection).   
Research Question Three: To what extent do HR research and analytics facilitate 
HR strategy, decision making and execution, and organizational learning? 
 
The third research question indicates that HR analytics is characterized as having 
input into HR strategy formulation but not playing a central role in its formulation in 
about half (49.5%) of the companies in this study.  A central role in HR strategy was 
reported for less than 15% of the companies, whereas in nearly 37% of the sample, HR 
analytics is characterized as playing little or no role in HR strategy formulation.  Hence, 
the role of HR research and analytics is largely an enabler and/or data feed to the strategy 
formulation and decision-making process.  The comments made by the participants 
characterize the role of HR research and analytics at some companies as an exhaustive 
data gathering exercise (i.e., a data dump) whereby pre-conceived notions or after-the-
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fact HR strategies and decisions drove the actual data requirements, which is consistent 
with previous research (Falletta, 2008a). 
According to Pfeffer and Sutton (2006) in their book Hard Facts, Dangerous Half 
Truths, and Total Nonsense, the idea of using data to make decisions changes the power 
dynamics in a company.  For example, a powerful or controlling executive would 
probably prefer to make decisions based upon his or her own opinions and intuition rather 
than rely on facts and figures (i.e., evidence).  There is still some work to be done in 
terms of HR research and analytics influence on HR strategy and decision making, but a 
number of participating companies are making progress. 
In their book Analytics at Work: Smart Decisions, Better Results, Davenport, 
Harris, and Morison (2010) also emphasized the art and science of analytics.  
Specifically, they describe the limitations of analytics and the role of quantitative and 
qualitative data.  For example, a purely analytical and dispassionate approach to human 
capital decisions is a recipe for organizational analytic stagnation.  Likewise, making 
critical HR decisions solely based on prior experience, intuition, gut feelings, and current 
management fads and trends could have disastrous effects.  In short, we need to balance 
the art and science of HR analytics while raising the bar in terms of HR analytics literacy 
and organizational capabilities. 
Employee and organizational surveys received the highest “HR intelligence” 
ratings (mean score of 6.59 on the 11-point scale) and was the only HR practice on the 
cusp of what could be considered “analytics” (7 and 8 on the scale) in terms of HR 
intelligence capabilities and level of sophistication.  Employee engagement and retention 
(6.05), compensation (5.90), HR strategy (5.62), and workforce planning (5.54) rounded 
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out the top five.  As expected, the larger Fortune 100 firms were slightly ahead of the 
curve in terms of their HR intelligence rating across all the HR practices.  It should not be 
too surprising that knowledge management and organizational learning were in the 
bottom five.  Definitional problems persist and many companies still struggle to 
effectively implement these evolving practices (Easterby-Smith & Lyles, 2003).   
It should be noted that the mean of even the highest-rated HR practice represented 
barely 60% of the 11-point scale range.  The means of 19 of the 24 activities (79%) fell 
below the midpoint of the scale range.  Thus, the consensus was that a substantial 
majority of the HR practices were no more than at the “information” level (i.e., 4, 5, and 
6, inclusively) on the scale and only one practice— “employee and organizational 
surveys”—at the largest firms (Fortune 100 and global) managed to break into the 
“analytics” level (7 to 8 on the scale).   
No HR practice was rated at the “intelligence” level (9 to 10) for any of the 
Fortune categories, which suggests that HR intelligence is much more an analytical 
aspiration at this point for many companies.  The route to building HR intelligence 
capability that can improve human capital decision making will depend on the level of 
HR analytical maturity and the extent to which a given company embraces evidence-
based HR.   
Lastly, the respondents were asked to indicate whether the company conducts a 
formal HR research and analytics agenda process.  Interestingly, only 39.5% (N = 87) of 
participants reported having a formal HR research and analytics agenda process despite 
the fact that 76.8% (N = 169) of all participating companies indicated they have a 
function or group dedicated to HR research and analytics.  This might suggest that HR 
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research and analytics activities and its prioritization are largely reactive and 
stakeholder and customer driven rather than proactive and research and analyst driven.  
However, on average, nearly 40% of all HR research and analytics work was identified as 
“proactive” (39.3%, N = 215) and determined by the HR research or analytics team 
(40.3%, N = 215), while approximately 60% of all HR research and analytics work was 
identified as “reactive” (59.7%, N = 215) and stakeholder or customer driven (60.7%, N 
= 215).  In short, this demonstrates a relatively balanced approach in terms of 
determining the actual HR research and analytics agenda.   
Research Question Four: What is the meaning of “HR intelligence” as used by those 
who perform HR research and analytics work? 
 
The fourth research question explored the meaning of “HR intelligence” by those 
who perform HR research and analytics.  Respondents were asked to rank order seven 
items in terms of how accurately they describe what HR research and analytics means.  
The rank order is presented in ordinal fashion (i.e., 1, 2, 3, 4, 5, 6, and 7) in Table 9 for 
the sake of simplicity and includes the actual mean rank.  The overall mean rank was 
4.09.  The 95% confidence interval around the mean rank extended from 2.96 to 5.22.  
The means for two items fell below the lower bound of the confidence interval and the 
mean for only one item fell above the upper bound of the confidence interval.  While 
there is certainly a diversity of views, the first two (Ranks 1 and 2) emerged as 
significantly more descriptive than the others with regard to the central activities of HR 
research and analytics. 
A healthy debate is underway on the meaning of HR analytics: what it is, why we 
should do it, who should do it, how it should be done, and where and when it should be 
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used.  Bassi (2011) explained that for some, HR analytics means tracking and reporting 
on HR metrics and indicators, whereas others regard it as sophisticated predictive 
modeling (e.g., driver analysis, advanced causal modeling procedures, extrapolating 
what-if scenarios).  Indeed, HR analytics means different things to different people and 
this is precisely the reason “HR analytics” was referred to more broadly as “HR research 
and analytics” or “HR intelligence” throughout this research.   
Part of the issue around the debate and meaning of HR analytics is the label itself 
and what the name implies.  Among the mainstream HR community and popular press, 
for example, HR analytics has been largely described as a newfangled label for metrics 
on steroids (i.e., metrics with the power to predict perhaps), which arguably minimizes 
the strategic value and impact HR analytics can achieve in terms of improving individual 
and organizational performance.  While HR metrics are critically important in terms of 
making critical talent decisions, measuring HR operational effectiveness and efficiency, 
and managing and communicating the execution of HR strategy, it hardly encompasses 
the full spectrum of HR research and analytics work.  Not everything we do in HR can 
nor should be expressed in terms of a simple human capital metric, indicator, or 
algorithm, whether descriptive, predictive, or prescriptive.  After all, the thoughts, 
feelings, behaviors, and underlying motives of clever and competent people (i.e., 
knowledge workers) in organizations are quite complex, thereby necessitating a broader 
view and more sophisticated tool set of capabilities. 
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Research Question Five: What are the ethical implications associated with HR 
research and analytics and predictive analytics movement? 
 
The last research question in this study attempted to investigate ethical judgments 
associated with HR research and predictive analytics.  All professions, like HR, are built 
around norms, values, and ethical principles about how professionals are to conduct 
themselves.  Ethical questions have begun to arise about the potential abuses of HR 
analytics with respect to technological advancements and mining and modeling “Big 
Data” (Bassi, 2011). 
In this study, 21 practices were selected and included in the survey—some of 
which have had a long history of controversy—from intelligence (IQ) and personality 
testing to forced-ranking in performance appraisals, to employee performance monitoring 
and surveillance technologies.  These common practices have always incited spirited 
debates among academicians and practitioners with respect to the appropriateness of 
using such methods and tools for human capital decisions.  
Pre-coding employee survey demographic variables has raised a few questions in 
recent years (Saari & Scherbaum, 2011).  A few emerging and unconventional practices, 
such as administering elaborate surveys that explore a job applicant’s or employee’s 
attitudes, preferences, and values on seemingly innocuous aspects of their personal life 
(e.g., “what magazines do you subscribe to?” and “what pets do you have?”) (Hansell, 
2007) as well as the trend of identifying a job applicant’s “hometown” as a relatively 
accurate predictor of attrition (Ganguly, 2007) have raised suspicion; indeed, the 
gathering of private data and information obtained from social media websites (e.g., 
Facebook) has garnered national attention.  Clearly, further discussion and debate are 
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needed about ethics in general and the application of HR analytics in particular (Bassi, 
2011).   
The question is should HR professionals and line managers make human capital 
decisions based on an applicant’s hometown?  What about an employee’s favorite ice 
cream flavor or pet preferences?  Irrespective to any predictive utility, how appropriate is 
it to use such data and information for human capital decisions?  If HR professionals are 
willing to proactively address such ethical quandaries and challenge questionable HR 
analytics practices, regardless of any real or perceived predictive value, then there is 
indeed a bright future for HR analytics.  The bottom line is that we need to be able to 
perform predicative analytics in HR to enable and optimize workforce decisions but we 
need to be ethically responsible in doing so. 
Discussion 
This research study collected data from a large sample of HR professionals from a 
diverse set of Fortune 1000 and global firms.  However, the observations and insights 
described in this research are based on a non-probability sample of HR professionals and 
should be interpreted with caution.  The results of the study suggest that the landscape for 
using data and information has shifted dramatically and that leading companies are 
building strategic capabilities and competitive advantage through advanced HR analytics 
practices.  As expected, the companies surveyed are performing a broad range of HR 
research and analytics practices that extend beyond simple metrics and scorecards.  
However, the profession still has a long way to go to play a more influential role in HR 
strategy development and decision making. 
  
78
Large companies are indeed investing in people and performing a wide range of 
HR research and analytics.  However, it appears that some HR professionals continue to 
place more importance on solo activities and reactive data-fetching when it comes to HR 
analytics rather than establishing proactive HR intelligence capabilities.  Although 
organizations will continue to be reactive, such transactional activities serve to maintain 
the status quo and reinforce old beliefs and norms, which claim that HR is not built to be 
or act strategic.  One of the paths toward changing that belief is to see the whole picture, 
beyond HR, developing more effective metrics and analytic capabilities with respect to 
organizational effectiveness and strategy.  Dave Ulrich once stated, “You’re not 
measured by what you do but by what you deliver” (as cited in Hammonds, 2005, p. 40).  
Simply put, HR professionals must be able to produce results; a great start would be to 
link HR metrics and HR analytics to desired organizational outcomes and business 
performance.   
As alluded to previously, driving a proactive HR research and analytics agenda is 
a critically important capability in terms of enabling strategic human capital decisions.  
HR researchers and analysts should bring their own “HR intelligence” and expertise to 
the table.  Many of the respondents in this study hold advanced degrees in the social, 
behavioral, and organizational sciences and are arguably in the best position to design 
and interpret robust HR research and analytics results.  While an HRIS, IT, and/or 
financial analyst might possess the technological and statistical chops to mine and model 
data, it takes an applied researcher with the right disciplinary background to accurately 
interpret the data and identify any predictive insights in the context of individual, group, 
and organizational behavior.   
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It is also highly recommended that HR research and analytics groups devote 
some resources to “proactive” research projects that are strategic, aside and apart from 
what is required or requested by powerful stakeholders and customers.  In doing so, the 
HR research and analytics group should think and act as “change insurgents” and, more 
importantly, avoid thinking about the status quo (i.e., what has traditionally been done in 
HR).  This will invariably influence the content and focus of the HR research and 
analytics agenda.  For instance, HR research and measurement capabilities and tools 
(e.g., employee surveys, assessments, 360-degree feedback, and metrics) have 
significantly advanced HR practice, but they tend to be treated as very specific and 
narrow methodological specialties and largely exist within functional HR silos.  
Moreover, and ironically, they often lose sight of their original intent and become highly 
institutionalized and symbolic practices.   
Therefore, in terms of the HR research and analytic agenda, some difficult and 
unpopular changes may need to be made to existing HR research and analytics activities 
(e.g., discontinuing pointless customer or point of-service surveys; eliminating 
meaningless metrics and symbolic scorecards; and rethinking “sacred cow” policies, 
programs, and practices).  
The HR profession does not necessarily need a new, fancier label for HR 
analytics, but does need to take broader view of what it is and how, why, and when it 
should be done if it is to evolve and realize its full potential.  A more inclusive approach 
to HR analytics, namely HR intelligence, helps ameliorate some of the confusion and 
better characterize the full range of HR analytics practices, including HR/OB research, 
predictive modeling, and partnership research with academic and membership-based 
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think-tanks.  In short, robust HR intelligence capabilities extend beyond HR metrics.  
HR intelligence enables human capital decisions based on insightful HR analytics that are 
largely predictive and supported by a synthesis of the best available scientific evidence 
(i.e., evidence-based HR).   
The key differentiator between HR analytics and HR intelligence is that the latter 
is supported by empirical and theoretical research (i.e., scholarly evidence that resides 
outside your organization).  For example, merely mining and modeling your internal 
employee data is tantamount to a theory-free correlation fishing expedition unless such 
data and insights can be analyzed and supported in relation to other sources of internal 
and external data.  Only then can you make valid and reliable predictive assertions and 
prescriptive recommendations.  
Further work is needed in terms of elevating the status and legitimacy of HR 
analytics.  However, we need to keep in mind that HR analytics is arguably as much of an 
art as it is a science and continually evolving in terms of its role in HR strategy and 
decision making.  According to Bassi (2011): 
HR analytics holds the promise of both elevating the status of the HR profession 
and serving as a source of competitive advantage for organizations that put it to 
good use. Our realization of this promise hinges on our individual and collective 
ability to master the art and the science of HR analytics. (p. 15) 
 
Lastly, much more research is needed on ethical issues associated with HR 
research and predictive analytics.  This study attempted to explore ethical judgments on 
select practices pertaining to human capital decisions in the broadest sense.  However, it 
is quite likely that individual ethical judgments will vary and depend on the type of 
human capital decision (e.g., hiring, job/work assignments, performance management, 
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advancement/promotion, demotion, reduction-in-force efforts).  According to Falletta 
& Oehler (2015), the problem will not go away anytime soon and will most likely require 
specific government legislation to sort out which employee data can or cannot be used by 
HR professionals.  
Suggestions for Future Research 
As the global marketplace continues to rapidly evolve, so do the needs of the 
global workforce.  HR professionals need to play a vital role in and should lead the 
efforts toward a proactive evidence-based HR research and analytics agenda that enable 
the organizations to remain competitive.  The opportunity for HR researchers to continue 
to advance upon this study is tremendous.  This study was limited to Fortune 1000 and 
select global firms, made up of large organizations with vast amount of resources.  
However, according to the U.S. Census Bureau (2015), almost all firms with employees 
are small.  They make up 99.7% of all employers nationally.  While this element limits 
the findings in this study in some ways, future researchers have the opportunity to expand 
the population sample to include small private firms as well as the public sector (i.e., 
Federal and State Government), giving it a more accurate picture and a significant 
contrast worth examining.  Combined, the research findings could greatly advance HR 
research and analytics practices in a variety of sectors and organizational settings. 
Another area that needs further attention and research is the ethical implications 
associated with predictive HR analytics.  As cited, ethical questions have begun to arise 
about the potential abuses of HR analytics with respect to technological advancements 
and mining and modeling “Big Data” (Bassi, 2011; Falletta & Oehler, 2015).  Boudreau 
(2014), in a recent Harvard Business Review article, suggested that we should predict 
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what employees will do without freaking them out.  He warned that in the rush to ask, 
“What can HR analytics predict?”, perhaps the more critical question is “What should HR 
analytics predict?”  Indeed, according to Falletta and Oehler (2015), the genie is already 
out of the bottle and it will probably take federal legislation to sort it out.  In the 
meantime, if HR professionals are willing to proactively address such ethical quandaries 
and challenge questionable HR analytics practices regardless of any real or perceived 
predictive value, there is indeed a bright future for HR analytics. 
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Appendix A: Survey 
 
 
 
INFORMED CONSENT FORM 
Research Procedures  
This research project is being conducted to examine the extent to which Fortune 1000 
and Best Place to Work for in America companies as well as Select Global Firms are 
performing broader HR research and analytics practices. 
 
You will be asked to complete a web-based survey which will return to you a summary 
research report upon project completion. If you agree to participate, the survey should 
take approximately 20 minutes to complete.   
Risks  
There are no foreseeable risks for participating in this research. 
Benefits  
A summary research report on the outcome of the project will be available to those who 
participate. The summary research report will inform you on how different organizations 
perform HR intelligence practices (i.e., HR research and analytics) in their respective 
organizations.  
Confidentiality 
Individual responses will be kept strictly confidential. All data and information will be 
reported in aggregate form only.   
 
Participation  
Your participation is voluntary, and you may withdraw from this research project at any 
time and for any reason.  
 
Contact 
This research study has IRB approval from Drexel University and is being conducted by 
Dr. Salvatore Falletta and John Spahic. The principal researcher is a professor at Drexel 
University and can be reached for questions or concerns.   
Consent 
This page may be printed and kept for your records. If you agree to the above points and 
agree to participate, please check the following box and click next to begin the survey. 
 
I have read the above points and agree to participate in this study:  (insert check box) 
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ABOUT YOUR ORGANIZATION/COMPANY  
Please indicate the industry that most closely matches your firm’s primary industry. 
 
• Data will be posted coded from Fortune Magazine’s online database. 
Approximately how many employees are in your organization/company? 
• Fewer than 100 employees 
• 100 – 499 employees 
• 500 – 999 employees 
• 1,000 – 4,999 employees 
• 5,000 – 19,999 employees 
• 20,000 – 99,999 employees 
• More than 100,000 employees 
Approximately what percent (%) of your company’s total employees are salaried (exempt 
level or in-direct employees) and hourly (i.e., non-exempt level or direct employees)?  
Your responses must equal 100 percent (%). 
• Salaried:    _________ % 
• Hourly:    _________ % 
Total:   100 % 
 
Geographic structure of your organization/company 
• Global (high-level of global integration) 
• Multi-national (national/regional operations act independently) 
• National (operations in one country only) 
 
Company headquartered in: 
• United States of America (USA) 
• Americas – Outside of the USA (Canada, Latin America) 
• EMEA (Europe, Middle East, and Africa) 
• APAC (Asia–Pacific) 
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Total gross revenue for the entire company worldwide (in US Dollars)  
• Less than $100 million 
• $100 to $499.99 million 
• $500 to $999.99 million 
• $1 to $1.99 billion  
• $2 to $4.99 billion 
• $5 to $9.99 billion 
• $10 to $19.99 billion 
• $20 – $49.99 billion 
• More than $50 billion  
 
TYPES OF HR RESEARCH AND ANALYTICS ACTIVITIES 
How important are the following HR research and analytics activities at your company in 
terms of HR strategy, decision making, and execution (please check N/A if your 
company does not perform a given activity)?  
Scale:   
• Not at all important  
• Slightly important  
• Moderately important  
• Very important  
• Extremely important  
a. Ad hoc HRIS data mining and analysis  
b. HR metrics and indicators  
c. HR scorecards and dashboards  
d. Employee and organizational surveys (e.g., employee 
opinion/attitude/engagement surveys, organizational culture/climate surveys, 
organizational health surveys, organizational effectiveness surveys, 
organizational alignment surveys) 
e. Employee/talent profiling (i.e., tracking and modeling individual data on 
critical talent or high-potential employees) 
f. 360-degree or multi-rater feedback surveys and assessments (e.g., 360-degree 
leadership and management assessments) 
g. HR benchmarking  
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h. Selection research involving the use of validated personality instruments 
that measure various employee traits, states, characteristics, attributes, 
attitudes, beliefs, and/or values 
i. Training and HR program evaluation  
j. Return-on-investment (ROI) studies  
k. Labor market, talent pool and site/location identification research  
l. Workforce forecasting (e.g., workforce supply/demand and segmentation 
analysis to forecast and plan when to staff up or cut back) 
m. Talent supply chain (e.g., analytics to make decisions in real time for 
optimizing immediate talent demands with respect to changing business 
conditions) 
n. Qualitative research methods (including case studies, focus groups, and 
content or thematic analysis)  
o. Literature review (e.g., review and synthesis of existing or secondary data 
sources such articles and research reports)  
p. Partnership or outsourced research including membership-based research 
consortia such as the Corporate Leadership Council, The Conference Board, 
University of Southern California’s Center for Effective Organizations, 
Cornell’s Center for Advanced Human Resource Studies, and the Institute for 
Corporate Productivity to name a few  
q. Advanced organizational behavior research and modeling (e.g., linkage 
studies, driver analysis, correlation/regression analysis, factor analysis, path 
analysis, causal modeling, and structural equation modeling procedures) 
r. Operations research and management science (e.g., optimization methods 
such as linear programming; stochastic processes/Markov analysis; Bayesian 
statistics, computational modeling, and simulations) 
s. Other: ______________________ (please specify) 
Which HR research and analytics activity is the most time consuming to perform? 
Which HR research and analytics activity is the most expensive or costly to perform? 
Which HR research and analytics activity is the most difficult to perform? 
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THE MEANING OF “HR RESEARCH AND ANALYTICS” 
HR analytics means different things to different people; therefore, please rank-order (1st 
choice, 2nd choice, 3rd choice…), the following statements that describes what HR 
analytics means to you. 
a. Standard tracking, reporting, and benchmarking of HR metrics and 
indicators. 
b. Ad hoc querying, drill-down, and reporting of HR metrics and indicators 
through some type of a HRIS and HR scorecard/dashboard reporting tool. 
c. Moving beyond “descriptive” HR metrics (i.e., lagging indicators – 
something that has already occurred) to “predictive” HR metrics (i.e., leading 
indicators – something that may occur in the future). 
d. Making better human capital decisions by using the best available scientific 
evidence and organizational facts with respect to “evidence-based HR” (i.e., 
getting beyond myths, misconceptions, and “plug and play” HR solutions, 
fads, and trends). 
e. Segmenting the workforce and using statistical analyses and predictive 
modeling procedures to identify key drivers (i.e., factors and variables) and 
cause and effect relationships that enable and inhibit important business 
outcomes. 
f. Using advanced statistical analyses, predictive modeling procedures, and 
human capital investment analysis to forecast and extrapolate “what-if” 
scenarios for decision making. 
g. Operations research and management science methods for HR optimization 
(i.e., what’s the best that can happen if we do XYZ or what is the optimal 
solution for a specific human capital problem?). 
h. Other: ______________________ (please specify) 
 
 
Which of the following best describes the relationship between HR analytics and broader 
HR/organizational behavior research being performed in-house by HR professionals 
within your company (choose only one)? 
  HR analytics is the same as HR/organizational behavior research 
  HR analytics and HR/organizational behavior research are two separate fields 
or disciplines 
  HR analytics is a subset of HR/organizational behavior research 
  HR/organizational behavior research is a subset of HR analytics 
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ORGANIZATION AND STRUCTURE OF HR RESEARCH AND ANALYTICS  
 
Does your company have an individual or function dedicated to HR research and 
analytics? 
  Yes 
  No 
 
If no, skip the following three questions. 
 
If yes: 
a. What is the name of the function or group _______________________? 
b. What is the number of fulltime equivalent employees in the HR research and 
analytics function or group ____________? 
c. How many levels below the Chief HR Officer (Top HR Officer or Head of HR) 
is the highest position in the group ____________? 
CORE HR ANALYTICS CAPABILITIES & PROCESSES 
How effective are the HR research and analytics capabilities at your company when it 
comes to: 
Scale:   
• Very ineffective 
• Ineffective 
• Neutral  
• Effective 
• Very effective 
a. Performing value-added HR research and analytics that enables strategy 
formulation, decision-making, execution, and organizational learning 
b. Gathering external or competitive data and information on other best-in-class 
companies/organizations 
c. Gathering internal data and information to better understand your people, 
talent and workforce in the context of the business 
d. Linking multiple data and information sources to predict, model and forecast 
individual, group and organizational behavior and performance outcomes 
e. Analyzing and transforming data and information into knowledge, insight, and 
foresight 
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f. Communicating and reporting insightful and useful research findings and 
intelligence results 
 
Does your company conduct a formal HR research and analytics agenda setting process 
to engage with stakeholders and determine HR research and analytics requirements and 
priorities? 
  Yes 
  No 
Approximately what percent (%) of all HR research and analytics work is 
stakeholder/customer driven versus researcher/analyst driven: 
a. Stakeholder/customer driven:      _________ % 
b. Researcher/analyst driven:      _________ % 
Total:         100 % 
Approximately what percent (%) of HR research and analytics activities is spent on? 
a. Reactive HR analytics (ad hoc requests):    _________ % 
b. Proactive HR analytics (planned or agenda driven):   _________ % 
Total:         100 % 
HR INTELLIGENCE VALUE CHAIN 
Using the “HR Intelligence Value Chain” depicted below as a scale, please estimate your 
company’s capabilities for each of the following HR practices or processes. 
 
 
  
94
 
a. HR strategy 
b. Workforce planning 
c. Recruitment 
d. Selection (including the use of validated personality instruments) 
e. Employee on-boarding and integration 
f. Compensation  
g. Benefits 
h. Training and development 
i. Management and leadership development (including the use of 360-degree 
feedback surveys) 
j. Career development (including career planning and career paths for all employee 
levels) 
k. Succession planning and management (for managers and above) 
l. Organization development 
m. Organization design 
n. Knowledge management 
o. Organizational learning  
p. Change management/leading change  
q. Employee/organizational surveys  
r. Competency and talent assessments  
s. Employee engagement and retention  
t. Performance management (including performance appraisal/evaluation) 
u. Advancement and promotions 
v. Diversity and affirmative action 
w. HR legal and compliance 
x. Reduction-in-force/layoffs/downsizing 
y. Other: ______________________ (please specify) 
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HR ANALYTICS ROLE IN HR STRATEGY 
Which of the following best describes the relationship between HR analytics and HR 
strategy formulation and implementation/execution at your company? (Please check the 
one best response) 
  HR analytics plays no role in HR strategy formulation and decision making 
  HR analytics is involved in implementing/executing HR strategy (e.g., 
generates HR metrics in terms of strategy implementation and HR operational 
efficiency) 
  HR analytics provides input to the HR strategy and helps implement it after it 
has been formulated (i.e., serves as a “data-feed” in strategy development and 
generates HR metrics for strategy implementation and measuring HR 
effectiveness) 
  HR analytics plays a central role in the formulation and implementation of HR 
strategy (i.e., serves as a key driver in strategy development, human capital 
decision making, and assessing HR’s impact in terms of adding value to the 
business)  
If you would like to elaborate or provide additional information about HR analytics and 
its role in influencing HR strategy formulation, execution, and decision-making -- please 
do so here.  
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EMERGING ETHICAL ISSUES PERTAINING TO HR ANALYTICS  
Please indicate the extent to which you believe (irrespective of your company’s practice) 
the following workforce data collection and/or predictive HR analytics practices are 
appropriate (assume all are legal) to use for human capital decision-making (e.g., hiring, 
job/work assignments, performance management, advancement/promotion, demotion, 
reduction-in-force efforts). 
Scale 
• Absolutely inappropriate  
• Inappropriate  
• Neutral  
• Appropriate  
• Absolutely appropriate  
a. Performance appraisal/evaluation ratings  
b. The relative rank of employees derived from forced ranking process as part of a 
company’s performance appraisal/evaluation system (i.e., a performance 
management approach that assesses employee performance relative to peers rather 
than against predetermined goals) 
c. Personality assessment results (e.g., Hogan’s Big-Five personality, 16PF)  
d. The use of intelligence (IQ) test scores (e.g., Wechsler’s Adult Intelligence Scale 
or the Stanford-Binet Intelligence Test) 
e. The use of emotional intelligence (EQ) test scores 
f. The use of Myers-Briggs typologies 
g. The use of standardized academic achievement test scores (e.g., SAT, GMAT, 
GRE)  
h. The use of general surveys that explore a job applicant or employee’s attitudes, 
preferences, values and behavior which include seemingly innocuous and 
irrelevant items/questions pertaining to their personal life (e.g., “what magazines 
do you subscribe to?” and “what pets do you have?”) 
i. A job applicant’s “hometown” or where they were born and raised 
j. Tracking whether a new employee signed up for the company retirement program 
as an indicator of early turnover 
k. Public data and information obtained from social media websites (e.g., Facebook 
and the like)  
l. Private data and information obtained from social media websites (e.g., Facebook 
and the like) whereby the employer asks a candidate or employee to furnish 
his/her user-id and password  
m. An individual employee’s prescription drug usage obtained legally 
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n. An individual employee’s personal data and information obtained from a 
company-sponsored “Wellness” website or employee services portal 
o. The use of surveillance video to monitor work patterns and behaviors 
p. The use of electronic performance monitoring technologies (e.g., tracking the 
number of computer key strokes an employee performs each day or the amount of 
daily code a computer programmer generates) 
q. The use of 360-degree feedback results designed solely for the leadership 
development purposes (e.g., research has shown that leadership 
quality/effectiveness as measured by the 360-degree instrument predicts actual 
employee turnover) 
r. Pre-coding seemingly harmless demographic data for an organizational or 
employee engagement survey project (e.g., identifying, linking, and retaining 
employee information in advance such as business unit, location, grade or band 
level on each survey respondent) 
s. Pre-coding “top talent” employees (e.g., high performers, high potentials) 
employee demographic data for an organizational or employee engagement 
survey project (e.g., identifying, linking, and retaining employee information in 
advance such as performance appraisal rating, promotion readiness status, and 
other high-potential attributes on each survey respondent) 
t. Pre-coding diversity related demographic data for organizational or employee 
engagement survey project (e.g., identifying, linking, and retaining employee 
information in advance such as gender, age, ethnicity, and marital status on each 
survey respondent) 
u. Conducting email analysis to identify workgroups/teams who always copy (cc) or 
blind copy (bcc) their boss as a possible indicator of trust issues  
 
If you would like to elaborate or provide additional information about potential or 
emerging ethical issues as it pertains to HR analytics or predictive analytics -- please do 
so here.  
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ABOUT YOU 
What is your highest level of education completed?   
  Bachelor’s degree (BS/BA) 
  Master’s degree (MS/MA) 
  Professional degree (JD, MD) 
  Doctoral degree (Ph.D, Ed.D, PsyD, DBA) 
  Other: ______________________ (please specify) 
 
In terms of your highest level of education, which of the following best describes your 
degree or disciplinary area? 
  Business Administration/Management (e.g., MBA) 
  Legal/Law (e.g., JD) 
  Industrial & Organizational Psychology/Organizational Science (Psychology 
Department) 
  Human Resource Development/Training & Learning/Organization Development 
  Human Resources/Human Capital Management/Organizational Behavior 
(Business School) 
  Quantitative Methods/Statistics/Decision Science/Operations Research 
  Other: ______________________ (please specify) 
 
Years of experience working in HR: ________ 
 
 
Please indicate your role: 
  HR supporting a business unit 
  HR specialist in research and analytics (e.g., metrics, employee/organizational 
surveys, assessments, evaluation) 
  Other HR functional specialist (compensation & benefits, recruiting & staffing, 
employee relations) 
  Other: ______________________ (please specify) 
 
  
  
99
Job level 
  Chief HR Officer (Top HR Leader or Head of HR) 
  Vice President 
  Director 
  Manager/Supervisor 
  Individual Contributor  
  Other Job Level: ______________________ (please specify) 
 
SUMMARY REPORT AND PRIZE DRAWING 
If you would like to receive a summary report of the research results in PDF format and 
be entered into the drawing for a chance to win one of three prizes – iPad™, iPod 
Touch™, or iPod Nano™ – then please provide your email address:  
________________________________ 
Note: All individual responses from the survey will be kept strictly 
confidential. Email addresses will be stripped away from the raw data file 
and solely used to distribute the The HR Analytics Project: Research 
Report and contact prize winners. 
Please provide your company’s name: ________________________________________ 
Note: Participating companies will not be disclosed. We ask that you 
provide your company name to enable the research team to count the 
number of distinct companies (i.e., Fortune 1000 and select global firms) 
that participated in the study. 
 
SUBMIT SURVEY 
 
THANK YOU FOR YOUR PARTICIPATION! 
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Appendix B: Email Invitation 
 
 
 
THE HR ANALYTICS PROJECT 
Drexel University is conducting the largest research study on “HR intelligence” practices 
in high-performing organizations to date – namely, The HR Analytics Project. 
Specifically, the purpose of this study is to gain insight into the extent to which Fortune 
1000 companies and select global firms are performing broader HR research and 
analytics practices in the context of human resource strategy, decision making, and 
execution.  
The purpose of the study is to: 
1. Identify the types of HR research and analytics practices currently being 
performed in best-in-class organizations;  
2. Determine how HR research and analytics activities and groups are organized and 
structured in organizations;  
3. Determine the extent to which HR research and analytics facilitate HR strategy, 
decision making, execution, and organizational learning;  
4. Explore the meaning of “HR intelligence” by those who perform HR research and 
analytics work; and  
5. Explore the emerging ethical implications associated with the HR research and 
predictive analytics movement.  
A summary roll-up of all responses will be prepared by Drexel University in aggregate 
form. All participants will receive a full complimentary report of the research results in 
PDF format. Individual responses from the survey will be kept strictly confidential.  
In addition to receiving a complimentary report, all survey respondents will be entered 
into a drawing with the chance to win one of three prizes – iPad™, iPod Touch™, or 
iPod Nano™ (i.e., a survey respondent will be drawn for each prize). 
This web-based survey should take approximately 20 minutes to complete.   
Please click on the following link to participate in The HR Analytics Project: 
Survey Link 
Contact Dr. Salvatore Falletta or John Spahic directly if you have any questions about 
this project. 
 
